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METHOD FOR DETECTING SIMILARITY
BETWEEN STANDARD INFORMATION AND
INPUT INFORMATION AND METHOD FOR

JUDGING THE INPUT INFORMATION BY

USE OF DETECTED RESULT OF THE
SIMILARITY

The entire disclosure of Japanese Patent Application
No0.2000-277749 filed on Sep. 13, 2000 including
specification, claims, drawings and summary is incorporated
herein by reference in its entirety.

BACKGROUND OF THE INVENTION

1. Field of the Invention

The present invention relates to a method for detecting a
similarity between standard information and input informa-
tion and to a method for recognizing whether or not the input
information is the standard information by use of a value
obtained by detecting the similarity (a detected value of the
similarity) or for judging whether or not the input informa-
tion is abnormal.

More specifically, the present invention relates to a
method for detecting a similarity between a standard voice
and an input voice with regard to a voice uttered by a human
being and to a method for recognizing a voice by use of a
detected value of the similarity. Moreover, the present
invention relates to a method for detecting a similarity
between a standard vibration wave and an arbitrary vibration
wave with regard to a sound or a vibration uttered by
equipment under operation or the like and to a method for
judging an abnormality in a machine based on a detected
value of the similarity. Furthermore, the present invention
relates to a method for detecting a similarity between a
standard image and an arbitrary image with regard to a letter
or a pattern and to a method for recognizing the image by use
of a detected value of the similarity. Still further, the present
invention relates to a method for detecting a similarity
between a standard solid and an arbitrary solid and to a
method for recognizing a solid by use of a detected value of
the similarity. Yet further, the present invention relates to a
method for detecting a similarity between a standard moving
picture and an arbitrary moving picture and to a method for
recognizing a moving picture by use of a detected value of
the similarity.

2. Description of the Related Art

A voice recognition apparatus, in which a computer
automatically recognizes a voice uttered by a human being,
is equipped with a means for detecting a similarity between
a standard voice and an input voice and a means for
recognizing the input voice from a detected value of the
similarity when a known voice previously registered in the
computer is set as the standard voice and an unknown voice
newly inputted to the computer is set as the input voice.

In a conventional similarity detection for the voice, a
method has been adopted, which includes the steps of:
previously registering a standard pattern matrix with a
feature amount, as a component, such as a power spectrum
of the standard voice; preparing an input pattern matrix with
a feature amount of the input voice as a component; and
calculating an Euclid distance or an angle between the
standard pattern matrix and the input pattern matrix.
Moreover, in a conventional voice recognition, a method for
recognizing a voice has been adopted, which includes the
step of comparing a calculated value of the Euclid distance
or the angle with an arbitrarily set acceptable value. Namely,
supposed are pattern spaces with dimensions having a
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number equal to that of kinds of the feature quantities, and
a similarity extent between two pattern matrices is numeri-
cally evaluated by use of a similarity measure representing
a linear distance (Euclid distance) or an angle between a
point of the standard pattern matrix and a point of the input
pattern matrix, and then the voice is recognized based on the
evaluated value.

As a first example of the related art, FIGS. 39 and 40
schematically show a state with regard to a standard voice 20
with a flat power spectrum shape and input voices 21, 22 and
23 with energies equal to that of the standard voice 20 but
with different features of the power spectrum shapes.
Specifically, FIGS. 39 and 40 show the following state. A
standard pattern matrix 20A of seven rows and nine columns
with the power spectrum of the standard voice 20 as a
component is previously registered. And, each of input
pattern matrices 21A, 22A and 23A of seven rows and nine
columns with a power spectrum of each of the input voices
21, 22 and 23 as a component is prepared. Then, as a
measure of a similarity between the standard pattern matrix
20A and each of the input pattern matrices 21A, 22A and
23A, the Euclid distance or a cosine of the angle indicated
by €21, €22 or ¢23 is calculated.

Here, it is assumed that each of the input voices 21, 22 and
23 has relations v, 9, €, T, 1 and 6 shown in FIG. 40 with
regard to a parameter .. Namely, in the relations shown in
FIG. 40, the parameter o prescribes a change of the power
spectrum shape of each of the input voices 21, 22 and 23
from the power spectrum shape of the standard voice 20. The
Euclid distance is obtained as a square root of a value that
is a sum of squares of differences between the respective
components of the standard pattern matrix and correspond-
ing components of the input pattern matrix. A cosine of the
angle is obtained by dividing a sum of products of the
respective components of two pattern matrices by a square
root of a value that is a sum of squares of the respective
components of the standard pattern matrix and a square root
of a value that is a sum of squares of the respective
components of the input pattern matrix.

As a second example of the related art, FIGS. 41 and 42
schematically show a state with regard to a standard voice 24
with two peaks in power spectrum shape and input voices
25, 26 and 27 with energies equal to that of the standard
voice 24 but with different peak positions in the power
spectrum shapes. Specifically, FIGS. 41 and 42 show the
following state. A standard pattern matrix 24A of seven rows
and nine columns with the power spectrum of the standard
voice 24 as a component is previously registered. And, each
of input pattern matrices 25A, 26A and 27A of seven rows
and nine columns with a power spectrum of each of the input
voices 25, 26 and 27 as a component is prepared. Then, as
the measure of the similarity between the standard pattern
matrix and each of the input pattern matrices, the Euclid
distance or a cosine of the angle indicated by €25, €26 or €27
is calculated.

Here, it is assumed that the standard voice 24 and each of
the input voices 25, 26 and 27 have relations w and ¢ shown
in FIG. 42 with regard to a parameter . Namely, in the
relations shown in FIG. 42, the parameter § prescribes a
change of the power spectrum shape of each of the input
voices 25, 26 and 27 from the power spectrum shape of the
standard voice 24.

However, in case of using the Euclid distance or the angle
as the measure of the similarity, with regard to a plural input
voices with power spectrum shapes different from one to
another, calculated values of the Euclid distances or the



US 7,006,970 B2

3

angles from the standard voice happen to be equal. In such
a case, it is impossible to distinguish input voices with
features different from one to another, thus causing impre-
cise detection for the similarity of the voices. The following
is detailed description.

As the first example, FIG. 43 shows changes of the
calculated values €21, €22 and €23 of the Euclid distances
when the value of the parameter o in FIG. 40 is increased
from O to 1. FIG. 44 shows changes of the calculated values
e21, ¢22 and €23 of the cosines of the angles when the value
of the parameter o in FIG. 40 is increased from O to 1
similarly.

With reference to FIGS. 43 and 44, in this example, it is
understood that the calculated values €21, ¢22 and €23 of the
Euclid distances or the cosines of the angles are always
equal from one to another (e21=e22=e23). And it is under-
stood that, according to an increase of the parameter o, the
values €21, €22 and €23 of the Euclid distances are increased
and the values e21, €22 and e23 of the cosines of the angles
are decreased. Such a decrease of each of the values €21, €22
and €23 of the cosines of the angles means an increase of
values of the angles.

By the way, generally, a power spectrum shape of a white
noise is flat, and a power spectrum shape of a fricative
consonant /s/ in voice is nearly flat in many cases. Note that,
though the fricative consonant /s/ has the power spectrum
shape nearly flat, a phenomenon of a “sway of spectrum
intensity” that such power spectrum shape is slightly
changed according to time is also observed.

In FIGS. 39 and 40, it is assumed that the input voices 21
and 22 are fricative consonants /s/ with the “sway of
spectrum intensity” and the input voice 23 is a voice
different from the fricative consonant /s/ in a case where the
parameter o is small.

As understood with reference to FIGS. 43 and 44, when
the values of the parameter o prescribing the input voice are
equal in the three input voices 21, 22 and 23, the values of
the Euclid distances or the angles from the standard voice 20
are equal in the three input voices 21, 22 and 23. Therefore,
when the values of the three input voices 21, 22 and 23 are
compared with an arbitrarily set acceptable value, it is
judged that the three input voices 21, 22 and 23 are standard
voices, or conversely, it is judged that the three input voices
21, 22 and 23 are not standard voices, then it is impossible
to distinguish the three input voices 21, 22 and 23 from one
to another.

As the second example, FIG. 45 shows changes of the
calculated values €25, €26 and €27 of the Euclid distances
when the value of the parameter f§, in FIG. 42 is increased
from O to 1. FIG. 46 shows changes of the calculated values
€25, ¢26 and €27 of the cosines of the angles when the value
of the parameter f§ in FIG. 42 is increased from O to 1
similarly.

With reference to FIGS. 45 and 46, in this example, it is
understood that the calculated values €25, ¢26 and €27 of the
Euclid distances or the cosines of the angles are always
equal from one to another (¢25=e26=e27). And it is under-
stood that, according to an increase of the parameter f3, the
values €25, €26 and ¢27 of the Euclid distances are increased
and the values €25, €26 and 27 of the cosines of the angles
are decreased. Such a decrease of each of the values €25, €26
and €27 of the cosines of the angles means an increase of
values of the angles.

By the way, generally, a plurality of peaks referred to as
formants are observed in the power spectrum shape of the
voice. With regard to the formants of the voice, a “shift of
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frequency” phenomenon that a peak frequency of the power
spectrum shape is slightly shifted or a “shift of time”
phenomenon that a peak position is slightly shifted accord-
ing to time is also observed even in the same voice.

Then, in FIGS. 41 and 42, it is assumed that the input
voice 25 is the same as the standard voice 24, in which the
“shift of frequency” or “shift of time” occurs in the peak, and
that the input voices 26 and 27 are voices different from the
standard voice 24.

As understood from FIGS. 45 and 46, when the values of
the parameter [} prescribing the standard voice and the input
voices are equal from one to another in the standard voice 24
and the three input voices 25, 26 and 27, the values of the
Euclid distances or the angles from the standard voice 24 are
equal in the three input voices 25, 26 and 27. Therefore,
when the values of the three input voices 25, 26 and 27 are
compared with an arbitrarily set acceptable value, it is
judged that the three input voices 25, 26 and 27 are standard
voices, or conversely, it is judged that the three input voices
25, 26 and 27 are not standard voices, then it is impossible
to distinguish the three input voices 25, 26 and 27 from one
to another.

As described above, in the conventional method for
detecting a similarity between voices, the similarity between
the voices cannot be precisely detected, thus causing a
problem that a sufficiently satisfactory precision cannot be
obtained in recognizing the voice.

The reason is that, in the conventional method for detect-
ing a similarity between voices, a difference between the
shape formed by the standard pattern matrix and the shape
formed by the input pattern matrix cannot be numerically
evaluated as a geometric distance since the value of the
Euclid distance or angle between the two pattern matrices is
set as the measures of the similarity.

Meanwhile, in the case where the standard pattern matrix
with the power spectrum of the standard voice as a compo-
nent is previously registered, a method is conceived, in
which individual standard voices having the “sway of spec-
trum intensity”, the “shift of frequency” and the “shift of
time” are previously registered as a large number of standard
pattern matrices. However, since the registration number of
the standard pattern matrices has limitations due to a prob-
lem such as a storage capacity or a processing time of a
computer, there are limitations in judging, by use of this
method, the “sway of spectrum intensity” of the standard
voice, the “shift of frequency” of the standard voice or the
“shift of time” of the standard voice, and the voice different
from the standard voice.

Moreover, in the gazette of Japanese Patent Laid-Open
No. Hei 10 (1998)-253444 (Japanese Patent Application No.
Hei 9(1997)-61007, Title of the Invention: Method for
Detecting Abnormal Sound, Method for Judging Abnormal-
ity in Machine by Use of the Detected Value, Method for
Detecting Similarity Between Vibration Wave and Method
for Recognizing Voice by Use of the Detected Value),
description has been made for a method for calculating a
value of a geometric distance between a standard pattern
vector (one-dimension) and an input pattern vector (one-
dimension). However, description has not been made for a
method for calculating a value of a geometric distance
between a standard pattern matrix (two-dimension) and an
input pattern matrix (two-dimension) or a method for cal-
culating a value of a geometric distance between a standard
pattern matrix layer (three-dimension) and an input pattern
matrix layer (three-dimension).

The present invention was made in order to solve the
foregoing problems. A first object of the present invention is
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to provide a method for detecting a similarity between
voices, which is capable of obtaining a precise value of a
geometric distance between two pattern matrices that are a
standard pattern matrix and an input pattern matrix. A
second object of the present invention is to provide a method
capable of recognizing a voice based on a detected value of
the similarity between the voices with high precision.

A third object of the present invention is to provide a
method for detecting a similarity between vibration waves,
which is capable of obtaining a precise value of a geometric
distance between two pattern matrices that are a standard
pattern matrix and an input pattern matrix. A fourth object of
the present invention is to provide a judgement method for
judging an abnormality in a machine based on a detected
value of the similarity between the vibration waves with
high precision.

A fifth object of the present invention is to provide a
method for detecting a similarity between images, which is
capable of obtaining a precise value of a geometric distance
between two pattern matrices that are a standard pattern
matrix and an input pattern matrix. A sixth object of the
present invention is to provide a method capable of recog-
nizing an image based on a detected value of the similarity
between the images with high precision.

A seventh object of the present invention is to provide a
method for detecting a similarity between solids, which is
capable of obtaining a precise value of a geometric distance
between two pattern matrix layers that are a standard pattern
matrix layer and an input pattern matrix layer. An eighth
object of the present invention is to provide a method
capable of recognizing a solid based on a detected value of
the similarity between the solids with high precision.

A ninth object of the present invention is to provide a
method for detecting a similarity between moving pictures,
which is capable of obtaining a precise value of a geometric
distance between two pattern matrix layers that are a stan-
dard pattern matrix layer and an input pattern matrix layer.
Atenth object of the present invention is to provide a method
capable of recognizing a moving picture based on a detected
value of the similarity between the moving pictures with
high precision.

Note that the present invention was made as the one, in
which the method for calculating a value of a geometric
distance described in the gazette of Japanese Patent Laid-
Open No. Hei 10 (1998)-253444 (Japanese Patent Applica-
tion No. Hei 9 (1997)-61007) is two-dimensionally extended
to be applicable to voice recognition, judgment for an
abnormality in a machine and image recognition, and
further, is three-dimensionally extended to be applicable to
solid recognition and moving picture recognition.

SUMMARY OF THE INVENTION

In order to solve the foregoing problems, according to a
first aspect of the present invention, there is provided a
method for detecting a similarity between voices, compris-
ing the steps of: (a) preparing a standard pattern matrix with
a feature amount of a standard voice as a component and an
input pattern matrix with a feature amount of an input voice
as a component; (b) preparing a normal distribution having
a variance different for each specified component of the
pattern matrices, and preparing a positive reference pattern
vector and a negative reference pattern vector, each having
a value of the normal distribution as a component; (¢) with
regard to each component of the pattern matrices, obtaining
a length between the specified component and a component
in each of the pattern matrices, calculating the numbers of
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the components of the positive reference pattern vector and
the negative reference pattern vector, the components being
proximate to positions apart by the length from centers of the
positive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of the
number in the positive reference pattern vector by an abso-
lute value of a difference between component values of the
input pattern matrix and the standard pattern matrix when
the component value of the input pattern matrix is greater
than the component value of the standard pattern matrix, and
increasing a value of the component of the number in the
negative reference pattern vector by the absolute value of the
difference between the component values of the input pat-
tern matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than the
component value of the standard pattern matrix; (d) calcu-
lating a value of a difference between a kurtosis of the
positive reference pattern vector and a kurtosis of the
negative reference pattern vector; (e) obtaining a value of
the difference between the kurtoses while the specified
component of the pattern matrices being made to move to
the position of each component in calculating the value of
the difference between the kurtoses; and (f) obtaining a sum
of squares of the values of the differences between the
kurtoses or a square root of the sum of the squares as a value
of a geometric distance between the standard pattern matrix
and the input pattern matrix.

A second aspect of the present invention is the method for
detecting a similarity between voices according to the first
aspect, characterized in that, instead of the normal distribu-
tion having a variance different for each specified compo-
nent of the pattern matrices, an arbitrary reference shape
such as a rectangle having a variance different for each
specified component of the pattern matrices is prepared, and
the positive reference pattern vector and the negative refer-
ence pattern vector, each having a value of the reference
shape as a component, are prepared.

According to a third aspect of the present invention, there
is provided a method for recognizing a voice, comprising the
steps of: obtaining a value of a geometric distance between
a standard pattern matrix with a feature amount of a standard
voice as a component and an input pattern matrix with a
feature amount of an input voice as a component by use of
the method for detecting a similarity according to any one of
the first and second aspects; comparing the obtained value of
the geometric distance with an arbitrarily set acceptable
value; and judging that the input voice is not the standard
voice when the value of the geometric distance exceeds the
acceptable value, and judging that the input voice is the
standard voice when the value of the geometric distance is
within the acceptable value.

According to a fourth aspect of the present invention,
there is provided a method for detecting a similarity between
vibration waves, comprising the steps of: (a) preparing a
standard pattern matrix with a feature amount of a standard
vibration wave as a component and an input pattern matrix
with a feature amount of an input vibration wave as a
component; (b) preparing a normal distribution having a
variance different for each specified component of the
pattern matrices, and preparing a positive reference pattern
vector and a negative reference pattern vector, each having
a value of the normal distribution as a component; (c) with
regard to each component of the pattern matrices, obtaining
a length between the specified component and a component
in each of the pattern matrices, calculating the numbers of
the components of the positive reference pattern vector and
the negative reference pattern vector, the components being
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proximate to positions apart by the length from centers of the
positive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of the
number in the positive reference pattern vector by an abso-
lute value of a difference between component values of the
input pattern matrix and the standard pattern matrix when
the component value of the input pattern matrix is greater
than the component value of the standard pattern matrix, and
increasing a value of the component of the number in the
negative reference pattern vector by the absolute value of the
difference between the component values of the input pat-
tern matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than the
component value of the standard pattern matrix; (d) calcu-
lating a value of a difference between a kurtosis of the
positive reference pattern vector and a kurtosis of the
negative reference pattern vector; (e) obtaining a value of
the difference between the kurtoses while the specified
component of the pattern matrices being made to move to
the position of each component in calculating the value of
the difference between the kurtoses; and (f) obtaining a sum
of squares of the values of the differences between the
kurtoses or a square root of the sum of the squares as a value
of a geometric distance between the standard pattern matrix
and the input pattern matrix.

A fifth aspect of the present invention is the method for
detecting a similarity between vibration waves according to
the fourth aspect, characterized in that, instead of the normal
distribution having the variance different for each specified
component of the pattern matrices, an arbitrary reference
shape such as a rectangle having a variance different for each
specified component of the pattern matrices is prepared, and
the positive reference pattern vector and the negative refer-
ence pattern vector, each having a value of the reference
shape as a component, are prepared.

According to a sixth aspect of the present invention, there
is provided a method for judging an abnormality in a
machine, comprising the steps of: obtaining a value of a
geometric distance between a standard pattern matrix with a
feature amount of a standard vibration wave as a component
and an input pattern matrix with a feature amount of an input
vibration wave as a component by use of the method for
detecting a similarity between vibration waves according to
the fourth or fifth aspect; comparing the obtained value of
the geometric distance with an arbitrarily set acceptable
value; and judging that the machine is abnormal when the
value of the geometric distance exceeds the acceptable
value, and judging that the machine is normal when the
value of the geometric distance is within the acceptable
value.

According to a seventh aspect of the present invention,
there is provided a method for detecting a similarity between
images, comprising the steps of: (a) preparing a standard
pattern matrix with a feature amount of a standard image as
a component and an input pattern matrix with a feature
amount of an input image as a component; (b) preparing a
normal distribution having a variance different for each
specified component of the pattern matrices, and preparing
a positive reference pattern vector and a negative reference
pattern vector, each having a value of the normal distribution
as a component; (¢) with regard to each component of the
pattern matrices, obtaining a length between the specified
component and a component in each of the pattern matrices,
calculating the numbers of the components of the positive
reference pattern vector and the negative reference pattern
vector, the components being proximate to positions apart
by the length from centers of the positive reference pattern
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vector and the negative reference pattern vector, increasing
a value of the component of the number in the positive
reference pattern vector by an absolute value of a difference
between component values of the input pattern matrix and
the standard pattern matrix when the component value of the
input pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of the
component of the number in the negative reference pattern
vector by the absolute value of the difference between the
component values of the input pattern matrix and the stan-
dard pattern matrix when the component value of the input
pattern matrix is smaller than the component value of the
standard pattern matrix; (d) calculating a value of a differ-
ence between a Kkurtosis of the positive reference pattern
vector and a kurtosis of the negative reference pattern
vector; (e) obtaining a value of the difference between the
kurtoses while the specified component of the pattern matri-
ces being made to move to the position of each component
in calculating the value of the difference between the kur-
toses; and (f) obtaining a sum of squares of the values of the
differences between the kurtoses or a square root of the sum
of the squares as a value of a geometric distance between the
standard pattern matrix and the input pattern matrix.

An eighth aspect of the present invention is the method for
detecting a similarity between images according to the
seventh aspect, characterized in that, instead of the normal
distribution having the variance different for each specified
component of the pattern matrices, an arbitrary reference
shape such as a rectangle having a variance different for each
specified component of the pattern matrices is prepared, and
the positive reference pattern vector and the negative refer-
ence pattern vector, each having a value of the reference
shape as a component, are prepared.

According to a ninth aspect of the present invention, there
is provided a method for recognizing an image, comprising
the steps of: obtaining a value of a geometric distance
between a standard pattern matrix with a feature amount of
a standard image as a component and an input pattern matrix
with a feature amount of an input image as a component by
use of the method for detecting a similarity between images
according to the seventh or eighth aspect; comparing the
obtained value of the geometric distance with an arbitrarily
set acceptable value; and judging that the input image is not
the standard image when the value of the geometric distance
exceeds the acceptable value, and judging that the input
image is the standard image when the value of the geometric
distance is within the acceptable value.

According to a tenth aspect of the present invention, there
is provided a method for detecting a similarity between
solids, characterized by comprising the steps of: (a) prepar-
ing a standard pattern matrix layer with a feature amount of
a standard solid as a component and an input pattern matrix
layer with a feature amount of an input solid as a component;
(b) preparing a normal distribution having a variance dif-
ferent for each specified component of the pattern matrix
layers, and preparing a positive reference pattern vector and
a negative reference pattern vector, each having a value of
the normal distribution as a component; (¢) with regard to
each component of the pattern matrix layers, obtaining a
length between the specified component and a component in
each of the pattern matrix layers, calculating the numbers of
the components of the positive reference pattern vector and
the negative reference pattern vector, the components being
proximate to positions apart by the length from centers of the
positive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of the
number in the positive reference pattern vector by an abso-
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lute value of a difference between component values of the
input pattern matrix layer and the standard pattern matrix
layer when the component value of the input pattern matrix
layer is greater than the component value of the standard
pattern matrix layer, and increasing a value of the compo-
nent of the number in the negative reference pattern vector
by the absolute value of the difference between the compo-
nent values of the input pattern matrix layer and the standard
pattern matrix layer when the component value of the input
pattern matrix layer is smaller than the component value of
the standard pattern matrix layer; (d) calculating a value of
a difference between a kurtosis of the positive reference
pattern vector and a kurtosis of the negative reference
pattern vector; (e) obtaining a value of the difference
between the kurtoses while the specified component of the
pattern matrix layers being made to move to the position of
each component in calculating the value of the difference
between the kurtoses; and (f) obtaining a sum of squares of
the values of the differences between the kurtoses or a square
root of the sum of the squares as a value of a geometric
distance between the standard pattern matrix layer and the
input pattern matrix layer.

An eleventh aspect of the present invention is the method
for detecting a similarity between solids according to the
tenth aspect, characterized in that, instead of the normal
distribution having the variance different for each specified
component of the pattern matrix layers, an arbitrary refer-
ence shape such as a rectangle having a variance different for
each specified component of the pattern matrix layers is
prepared, and the positive reference pattern vector and the
negative reference pattern vector, each having a value of the
reference shape as a component, are prepared.

According to a twelfth aspect of the present invention,
there is provided a method for recognizing a solid, com-
prising the steps of: obtaining a value of a geometric
distance between a standard pattern matrix layer with a
feature amount of a standard solid as a component and an
input pattern matrix layer with a feature amount of an input
solid as a component by use of the method for detecting a
similarity between solids according to the tenth or eleventh
aspect; comparing the obtained value of the geometric
distance with an arbitrarily set acceptable value; and judging
that the input solid is not the standard solid when the value
of the geometric distance exceeds the acceptable value, and
judging that the input solid is the standard solid when the
value of the geometric distance is within the acceptable
value.

According to a thirteenth aspect of the present invention,
there is provided a method for detecting a similarity between
moving pictures, characterized by comprising the steps of:
(a) preparing a standard pattern matrix layer with a feature
amount of a standard moving picture as a component and an
input pattern matrix layer with a feature amount of an input
moving picture as a component; (b) preparing a normal
distribution having a variance different for each specified
component of the pattern matrix layers, and preparing a
positive reference pattern vector and a negative reference
pattern vector, each having a value of the normal distribution
as a component; (¢) with regard to each component of the
pattern matrix layers, obtaining a length between the speci-
fied component and a component in each of the pattern
matrix layers, calculating the numbers of the components of
the positive reference pattern vector and the negative refer-
ence pattern vector, the components being proximate to
positions apart by the length from centers of the positive
reference pattern vector and the negative reference pattern
vector, increasing a value of the component of the number
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in the positive reference pattern vector by an absolute value
of a difference between component values of the input
pattern matrix layer and the standard pattern matrix layer
when the component value of the input pattern matrix layer
is greater than the component value of the standard pattern
matrix layer, and increasing a value of the component of the
number in the negative reference pattern vector by the
absolute value of the difference between the component
values of the input pattern matrix layer and the standard
pattern matrix layer when the component value of the input
pattern matrix layer is smaller than the component value of
the standard pattern matrix layer; (d) calculating a value of
a difference between a kurtosis of the positive reference
pattern vector and a kurtosis of the negative reference
pattern vector; (¢) obtaining a value of the difference
between the kurtoses while the specified component of the
pattern matrix layers being made to move to the position of
each component in calculating the value of the difference
between the kurtoses; and (f) obtaining a sum of squares of
the values of the differences between the kurtoses or a square
root of the sum of the squares as a value of a geometric
distance between the standard pattern matrix layer and the
input pattern matrix layer.

A fourteenth aspect of the present invention is the method
for detecting a similarity between moving pictures according
to the thirteenth aspect, characterized in that, instead of the
normal distribution having the variance different for each
specified component of the pattern matrix layers, an arbi-
trary reference shape such as a rectangle having a variance
different for each specified component of the pattern matrix
layers is prepared, and the positive reference pattern vector
and the negative reference pattern vector, each having a
value of the reference shape as a component, are prepared.

According to a fifteenth aspect of the present invention,
there is provided a method for recognizing a moving picture,
comprising the steps of: obtaining a value of a geometric
distance between a standard pattern matrix layer with a
feature amount of a standard moving picture as a component
and an input pattern matrix layer with a feature amount of an
input moving picture as a component by use of the method
for detecting a similarity between moving pictures according
to the thirteenth or fourteenth aspect; comparing the
obtained value of the geometric distance with an arbitrarily
set acceptable value; and judging that the input moving
picture is not the standard moving picture when the value of
the geometric distance exceeds the acceptable value, and
judging that the input moving picture is the standard moving
picture when the value of the geometric distance is within
the acceptable value.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a block diagram showing a configuration of a
measurement apparatus for a voice or a vibration wave in
one embodiment of the present invention.

FIG. 2 is a graph showing one example of a frequency
gain characteristic of a group of band-pass filters.

FIG. 3 is graphs for explaining a method for extracting
features of changes of power spectrums with time from
frequency component waves of the voice or the vibration
wave through the band-pass filters.

FIG. 4A is diagrams showing one example of a power
spectrum.

FIG. 4B is diagrams showing a normalized power spec-
trum of FIG. 4A.

FIG. 5A is a diagram showing a method for expressing a
standard pattern matrix on a (frequency-time) plane.
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FIG. 5B is a diagram showing a method for expressing an
input pattern matrix on the (frequency-time) plane.

FIG. 6 is a diagram showing a (frequency-time)-
normalized plane.

FIG. 7A is a graph showing a normal curve.

FIG. 7B is a graph showing a positive reference pattern
vector with a value of the normal curve as a component.

FIG. 7C is a graph showing a negative reference pattern
vector with the value of the normal curve as a component.

FIG. 8 is a graph showing a relation between a shape
change and a kurtosis value of the normal curve.

FIG. 9 is a graph showing the (frequency-time)-
normalized plane three-dimensionally.

FIG. 10A is a pattern diagram showing a typical example
of a shape in a standard pattern matrix, the shape being the
same as that of FIG. 10B.

FIG. 10B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape being the
same as that of FIG. 10A.

FIG. 10C is a diagram showing a shape in a positive
reference pattern vector and a shape in a negative reference
pattern vector, the both shapes being the same, in the case of
setting the j,j, component as a specified component of the
pattern matrix.

FIG. 11A is a pattern diagram showing the typical
example of the shape in the standard pattern matrix, the
shape being the same as that of FIG. 10A.

FIG. 11B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape having a j,j,
component increased than that of the shape in the standard
pattern matrix, in the case of setting the j;j, component as
a specified component of the pattern matrix.

FIG. 11C is a diagram showing a shape change in a
positive reference pattern vector when the j,j, component is
increased and the shape in the negative reference pattern
vector.

FIG. 12A is a pattern diagram showing the typical
example of the shape in the standard pattern matrix, the
shape being the same as that of FIG. 10A.

FIG. 12B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape having a j,j,
component decreased than that of the shape in the standard
pattern matrix, in the case of setting the j;j, component as
a specified component of the pattern matrix.

FIG. 12C is a diagram showing the shape in the positive
reference pattern vector and a shape change in a negative
reference pattern vector when the j,j, component is
decreased.

FIG. 13A is a pattern diagram showing the typical
example of the shape in the standard pattern matrix, the
shape being the same as that of FIG. 10A.

FIG. 13B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape having an
m,1 component increased than that of the shape in the
standard pattern matrix, in the case of setting the j,j,
component as a specified component of the pattern matrix.

FIG. 13C is a diagram showing a shape change in a
positive reference pattern vector when the m, 1 component is
increased and the shape in the negative reference pattern
vector.

FIG. 14A is a pattern diagram showing the typical
example of the shape in the standard pattern matrix, the
shape being the same as that of FIG. 10A.

FIG. 14B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape having an
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m;1 component decreased than that of the shape in the
standard pattern matrix, in the case of setting the j,j,
component as a specified component of the pattern matrix.

FIG. 14C is a diagram showing the shape in the positive
reference pattern vector and a shape change in a negative
reference pattern vector when the m;1 component is
decreased.

FIG. 15A is a pattern diagram showing the typical
example of the shape in the standard pattern matrix, the
shape being the same as that of FIG. 10A.

FIG. 15B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape having ani,i,
component increased than that of the shape in the standard
pattern matrix, in the case of setting the j,j, component as
a specified component of the pattern matrix.

FIG. 15C is a diagram showing a shape change in a
positive reference pattern vector when the i,i, component is
increased and the shape in the negative reference pattern
vector.

FIG. 16A is a pattern diagram showing the typical
example of the shape in the standard pattern matrix, the
shape being the same as that of FIG. 10A.

FIG. 16B is a pattern diagram showing a typical example
of a shape in an input pattern matrix, the shape having ani,i,
component decreased than that of the shape in the standard
pattern matrix, in the case of setting the j;j, component as
a specified component of the pattern matrix.

FIG. 16C is a diagram showing the shape in the positive
reference pattern vector and a shape change in a negative
reference pattern vector when the i,i, component is
decreased.

FIG. 17A is a pattern diagram showing a shape example
of the standard pattern matrix.

FIG. 17B is a pattern diagram showing a shape example
of an input pattern matrix with the 1,i, component increased
than that of the standard pattern matrix.

FIG. 18 is graphs showing change examples of variances
of normal distributions when mean values of the normal
distributions move, and showing change examples of length,
each between the mean value of the normal distribution and
a point (i, i,).

FIG. 19 is pattern diagrams showing shape change
examples of the positive reference pattern vectors and the
negative reference pattern vectors when the mean values of
the normal distributions move.

FIG. 20 is a flowchart for calculating a shape change
amount (difference of kurtoses between the positive refer-
ence pattern vector and the negative reference pattern
vector).

FIG. 21 is diagrams showing a shape change amount for
each component of the pattern matrix.

FIG. 22 is a graph showing a state where values of
geometric distances, each between the standard pattern
matrix and the input pattern matrix, are changed with respect
to a in FIG. 40.

FIG. 23 is a graph showing a state where the values of the
geometric distances, each between the standard pattern
matrix and the input pattern matrix, are changed with respect
to p in FIG. 42.

FIG. 24 is a flowchart for recognizing the voice.

FIG. 25 is a block diagram showing a configuration of a
detection apparatus for the similarity between the voices.

FIG. 26 is a view showing one example of an image of an
alphabet “E”.



US 7,006,970 B2

13

FIG. 27A is a diagram showing a method for expressing
a standard pattern matrix on an (x-y) plane.

FIG. 27B is a diagram showing a method for expressing
an input pattern matrix on the (x-y) plane.

FIG. 28 is diagrams showing examples of densities of a
standard image and input images.

FIG. 29 is views showing pattern matrices of the standard
image and the input images, corresponding to FIG. 28.

FIG. 30A is a bar graph showing values of Euclid dis-
tances between the standard image and an input image same
as the standard image and between the standard image and
input images different from the standard image, the bar
graph being obtained as a result of an experiment.

FIG. 30B is a bar graph showing values of cosines of
angles between the standard image and the input image same
as the standard image and between the standard image and
the input images different from the standard image, the bar
graph being obtained as the result of the experiment.

FIG. 30C is a bar graph showing values of geometric
distances between the standard image and the input image
same as the standard image and between the standard image
and the input images different from the standard image, the
bar graph being obtained as the result of the experiment.

FIG. 31 is a diagram showing a density distribution of a
solid.

FIG. 32 is diagrams showing a method for expressing a
standard pattern matrix layer in an (x-y-z) space.

FIG. 33 is diagrams showing a method for expressing an
input pattern matrix layer in the (x-y-z) space.

FIG. 34 is a diagram showing an (x-y-z) normalized
space.

FIG. 35A is a graph showing one example of a normal
curve.

FIG. 35B is a graph showing one example of a positive
reference pattern vector with a value of the normal curve as
a component.

FIG. 35C is a graph showing one example of a negative
reference pattern vector with the value of the normal curve
as a component.

FIG. 36 is diagrams showing one example of a moving
picture where a motion of a pen writing an alphabet “E” is
photographed as time passes.

FIG. 37 is diagrams showing a method for expressing the
standard pattern matrix layer in an (X-y-time) space.

FIG. 38 is diagrams showing a method for expressing the
input pattern matrix layer in the (x-y-time) space.

FIG. 39 is diagrams showing examples of power spec-
trums of a standard voice and input voices.

FIG. 40 is diagrams showing examples of pattern matrices
of the standard voice and the input voices, corresponding to
FIG. 39.

FIG. 41 is diagrams showing other examples of the power
spectrums of the standard voice and the input voices.

FIG. 42 is diagrams showing examples of pattern matrices
of the standard voice and the input voices, corresponding to
FIG. 41.

FIG. 43 is a graph showing a state where the value of the
Euclid distance between the pattern matrices of the standard
voice and the input voices is changed with respect to a
parameter o in FIG. 40 regarding the prior art.

FIG. 44 is a graph showing a state where the value of the
cosine of the angle between the pattern matrices of the
standard voice and the input voices is changed with respect
to the parameter o in FIG. 40 regarding the prior art.
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FIG. 45 is a graph showing a state where the value of the
Euclid distance between the pattern matrices of the standard
voice and the input voices is changed with respect to a
parameter § in FIG. 42 regarding the prior art.

FIG. 46 is a graph showing a state where the value of the
cosine of the angle between the pattern matrices of the
standard voice and the input voices is changed with respect
to the parameter §§ in FIG. 42 regarding the prior art.

DETAILED DESCRIPTION OF THE
PREFERRED EMBODIMENTS

Hereinbelow, description will be made for embodiments
of the present invention.
[Description of Principle]

First, description will be made for a principle of the
present invention with regard to the case of using a normal
distribution as a reference shape.

In a statistical analysis, the normal distribution is usually
used as a model of a phenomenon. Then, it is important to
verify whether or not a target phenomenon follows the
normal distribution, therefore, a statistic that is a “kurtosis”
is used for the verification. A value of the kurtosis is equal
to 3 when the target phenomenon follows the normal dis-
tribution. In a distribution sharper than the normal
distribution, a value of the kurtosis is greater than 3.
Conversely, in a distribution broader than the normal
distribution, a value of the kurtosis is less than 3. These
relations are always correct regardless of a variance of the
normal distribution.

Therefore, a shape change between a standard pattern
matrix (or a standard pattern matrix layer) and an input
pattern matrix (or an input pattern matrix layer) is replaced
with shape changes of reference pattern vectors with values
of the normal distribution as components. Moreover,
amounts of the shape changes of the reference pattern
vectors are numerically evaluated as amounts of changes in
the kurtosis. Thus, it is possible to calculate, as a value of a
geometric distance, a degree of the similarity between the
standard pattern matrix (or the standard pattern matrix layer)
and the input pattern matrix (or the input pattern matrix
layer). However, generally, it is impossible to define a
negative value as a vector component in an equation for
calculating the kurtosis in the shape of the vector. Namely,
it is necessary that each component value of the reference
pattern vectors not be negative in any relation in size
between the standard pattern matrix (or the standard pattern
matrix layer) and the input pattern matrix (or the input
pattern matrix layer).

Concretely, a normal distribution having a different vari-
ance for each specified component of the pattern matrix (or
the pattern matrix layer) is prepared, a positive reference
pattern vector with a value of the normal distribution as a
component and a negative reference pattern vector with the
value of the normal distribution as a component are previ-
ously prepared. Here, a method for calculating the variance
according to the pattern matrix is the one, in which a
centerline of the normal distribution is set so as to pass
through a point of the specified component of the pattern
matrix and to be vertical to a plane formed by the pattern
matrix, and a principal portion of the normal distribution
covers the entire pattern matrix when the normal distribution
is rotated around the centerline as an axis. Moreover, a
method for calculating the variance according to the pattern
matrix layer is obtained by extending the method for cal-
culating the variance with regard to the pattern matrix by
one-dimension. (The method for calculating the variance
with regard to the pattern matrix layer cannot be geometri-
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cally expressed.) Then, for each component of the pattern
matrix (or the pattern matrix layer), processing is performed
in the following manner. A length between the specified
component and each component in the pattern matrix is
obtained. And, the numbers of the components of the
positive reference pattern vector and the negative reference
pattern vector, the components being proximate to positions
apart by the length from centers of the positive reference
pattern vector and the negative reference pattern vector are
calculated. Then, a component value of the component
number of the positive reference pattern vector is increased
by an absolute value of a difference therebetween when the
component value of the input pattern matrix (or the input
pattern matrix layer) is greater than the component value of
the standard pattern matrix (or the standard pattern matrix
layer). A component value of the component number of the
negative reference pattern vector is increased when the
foregoing component value of the input pattern matrix is
smaller than the foregoing component value of the standard
pattern matrix. Next, the kurtosis of the positive reference
pattern vector with the shape changed is calculated, and the
kurtosis of the negative vector with the shape changed is
calculated, then a difference between the kurtosis of the
positive vector and the kurtosis of the negative vector is
calculated.

At every calculation of the difference of the kurtosis, the
kurtosis of the positive reference pattern vector with the
shape changed and the kurtosis of the negative reference
pattern vector with the shape changed are different from
each other according to a positional relation between the
center of the normal distribution and each of the components
of the standard pattern matrix and the input pattern matrix
(or of the standard pattern matrix layer and the input pattern
matrix layer). Thus, while moving the center of the normal
distribution to the positions of the respective components of
the pattern matrix (or the pattern matrix layer), values of the
foregoing differences are obtained. And, a square root of a
value that is a sum of squares of these differences or the sum
of the squares itself is detected as a value of the geometric
distance between the standard pattern matrix (or the standard
pattern matrix layer) and the input pattern matrix (or the
input pattern matrix layer).

The geometric distance value as described above pre-
cisely detects a shape change of the pattern matrix between
the standard voice and the input voice, precisely detects a
similarity between the standard vibration wave and the input
vibration wave, and precisely detects a similarity between
the standard image and the input image. Moreover, the
geometric distance value precisely detects a shape change of
the pattern matrix layer between the standard solid and the
input solid. Furthermore, the geometric distance value pre-
cisely detects a similarity between the standard moving
picture and the input moving picture.

Therefore, when the voice recognition is preformed by
using the geometric distance value obtained as described
above, since it is possible to precisely detect the shape
change between the standard pattern matrix and the input
pattern matrix, it is possible to significantly raise the preci-
sion of the voice recognition. Moreover, when the detection
for an abnormality in a machine is performed by using the
geometric distance value as described above, since it is
possible to precisely detect the shape change between the
standard pattern matrix and the input pattern matrix, it is
possible to significantly raise the precision of the detection
for an abnormality in a machine. Furthermore, when the
image recognition is performed by using the geometric
distance value as described above, since it is possible to
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precisely detect the shape change between the standard
pattern matrix and the input pattern matrix, it is possible to
significantly raise the precision of the image recognition.
Still further, when the solid recognition is performed by
using the geometric distance value as described above, since
it is possible to precisely detect the shape change between
the standard pattern matrix layer and the input pattern matrix
layer, it is possible to significantly raise the precision of the
solid recognition. Yet further, when the moving picture
recognition is performed by using the geometric distance
value as described above, since it is possible to precisely
detect the shape change between the standard pattern matrix
layer and the input pattern matrix layer, it is possible to
significantly raise the precision of the moving picture rec-
ognition.

The above description is adaptive to any reference shape
such as a rectangle including the normal distribution.

[Embodiment]

Hereinbelow, description will be made for an embodiment
of the preset invention with reference to the accompanying
drawings. In this embodiment, description will be sequen-
tially made for a method for recognizing a voice, a method
for judging an abnormality in a machine and a method for
recognizing an image, each using a detected value of a
similarity between (two-dimensional) two pattern matrices,
and a method for recognizing a solid and a method for
recognizing a moving picture, each using a detected value of
a similarity between (three-dimensional) two pattern matrix
layers.

(I) Method for Recognizing Voice

Description will be made for a method for detecting a
similarity between voices and a method for recognizing a
voice by use of the detected value. In this embodiment, for
recognizing a voice, a change with time of a frequency
distribution of the voice, that is, a voiceprint is normalized,
and a standard pattern matrix and an input pattern matrix are
prepared. Then, a shape change between these pattern matri-
ces is replaced with shape changes of reference pattern
vectors with values of a normal distribution as components,
and sizes of the shape changes of the reference pattern
vectors are numerically evaluated as amounts of changes in
kurtosis. Thus, the similarity between the voices is detected.
Furthermore, the voice is recognized by use of the detected
value.

FIG. 1 shows a configuration of a measurement apparatus
for detecting a similarity between voices. A reference
numeral 1 denotes a microphone. The microphone 1 is
disposed at a predetermined position near a person uttering
a voice. The microphone 1 measures a voice uttered by a
human being and outputs the voice as a signal. The output
signal from the microphone 1 is inputted to a plurality (m,
pieces) of band-pass filters 2 having passbands different
from one to another. Then, each voice wave signal having a
frequency component corresponding to each band-pass filter
2 is extracted, and given to each A/D converter 3. These
signals are converted to digital signals cyclically at the same
time in the A/D converter 3, and given to a processor 4 such
as a computer. The processor 4 is constructed to detect a
similarity between voices based on the output signal from
the microphone 1 in the following manner. Here, a central
frequency of an i;-th (i;=1, 2, . . ., m;) band-pass filter 2 is
set at fi,, and the output signal of the i,-th band-pass filter
2 is inputted to an i;-th A/D converter 3.

Next, description will be made for a processing procedure
for detecting the similarity between the voices by use of the
measuring apparatus of FIG. 1.
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While many kinds of methods for extracting a power
spectrum of a voice have been developed, in this
embodiment, the processing procedure will be described for
the case where a method using a group of analog band-pass
filters is employed. The method has been used for a long
time and a performance in the method is stable. FIG. 2
shows an example of a frequency gain characteristic of the
group of the band-pass filters 2. It is understood that a
frequency component having a band of which central fre-
quency is fi, can be extracted by inputting the voice into the
i;-th band-pass filter. If each band-pass filter is constructed
in the above manner, it is possible to extract a feature of a
frequency distribution of the voice.

As shown in FIG. 1, assuming that the output signal from
the i,-th A/D converter 3 is xi(t) (i;=1, 2, . . ., m;) as a
function of time t, the function xi (t) is a frequency com-
ponent wave of the voice extracted by the i,-th band-pass
filter 2. FIG. 3 shows an example of the function xi,(t). As
shown in FIG. 3, assuming that an i,-th time is ti, (i,=1,
2,...,m,), the function xi,(t) is measured individually for
each time, thus it is possible to extract a feature of a change
with time of the frequency distribution of the voice.
Therefore, a power spectrum Pi i, at the i,-th time in the
i;-th frequency band can be calculated by the following
equation 1, in which a time length T for calculating a sum
of squares of the function xi,(t) is arbitrarily set so that a
feature of the voice, which changes according to time, can
remarkably appear.

[Equation 1]

tig+T

Pitix = Y {Xi (0}

t=tip

M

(1=1,2,3,...,m)
(2=1,2,3,...,m)

In this embodiment, a normalized power spectrum is used.
Namely, generally in the detection of a similarity between
voices, a tone quality is often a factor more important than
a volume. In such a case, it is important to detect a shape
change of the power spectrum. For this purpose, it is
convenient to use the power spectrum obtained by normal-
izing the power spectrum P11, of the equation 1 with a total
energy. The normalized power spectrum pi;i, at the i,-th
time in the i,-th frequency band can be calculated by the
following equation 2.

[Equation 2]

Pii,
mi m2 L
X X P

JI=1j2=1

@

piip =

(1=1,2,3,...,m)
(2=1,2,3,... ,m)

FIG. 4A shows an example of the power spectrum cal-
culated by the equation 1, and FIG. 4B shows a power
spectrum obtained by normalizing the power spectrum of
FIG. 4A by the equation 2. As shown in the figures, it is
understood that the power spectrum and the normalized
power spectrum are similar to each other.

Next, a standard pattern matrix H and an input pattern
matrix N are produced. The standard pattern matrix H has a
normalized power spectrum pi;i, (i;=1, 2, . . ., m,) (i,=1,
2, ..., m,) of the standard voice as a component, and the
input
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pattern matrix N has a normalized power spectrum pi,i,
(,=1,2,...,my) (i,=1, 2, . . ., m,) of the input voice as
a component. The standard pattern matrix H and the input
pattern matrix N are expressed as shown in the following
equation 3. The equation 3 expresses shapes of the normal-
ized power spectrums of the standard voice and the input
voice by m;xm, pieces of component values of the pattern
matrices.

[Equation 3]

RiI hI12 . kil .. hlmp 3)
h21  h22 . h2i .. h2my
e : :
hiyl  hiy2 .. high ... hipmy
gl hmy2 .. hmyi, .. hmyms
nll  ni2 .o nliy ..onlmy
n2l  n22 .. 12y .. n2my
N -
niyl  mi2  ..onijh ... onigmy
amyl nm2 ... nmyip ... nmymy

FIG. 5A shows the standard pattern matrix H expressed on
a (frequency-time) plane, and FIG. 5B shows the input
pattern matrix N expressed on the plane. Moreover, FIG. 6
shows a (frequency-time)-normalized plane, in which a
longitudinal length and a lateral length of each plane of
FIGS. 5A and 5B are set as 1, respectively. In this
embodiment, in the case which bandwidths of the frequency
bands shown in FIG. 2 are different from each other, FIG. 6
is constructed so that the elements of the power spectrum are
allocated in the same pitch. Accordingly, as shown in FIG.
6, a longitudinal length between the components is repre-
sented as: 1/(m;-1), and a lateral length between the com-
ponents is represented as: 1/(m,-1).

The following equation 4 is an equation for a probability
density function of the normal distribution, where u indi-
cates a mean value and o indicates a variance.

[Equation 4]

4
fy= @

FIG. 7A is a graph of the normal distribution (a normal
curve) expressed by the equation 4, where the mean value
4#=0, and the variance is oj,j,%. And in FIGS. 7B and 7C, bar
graphs of which heights are equal to the function value of the
normal curve are shown. A positive reference pattern vector
Kj,j,™ having a height value of the bar graph as a compo-
nent is prepared as shown in FIG. 7B. A negative reference
pattern vector Kj,j,™ having a height value of the bar graph
as a component is prepared as shown in FIG. 7C. These
vectors are expressed as in the equation 5. The equation 5
expresses each shape of the normal distribution by m,, pieces
of component values of the vector. While the equation 3
expresses (two-dimensional) matrices, the equation 5
expresses (one-dimensional) vectors. As understood from
FIGS. 7A to 7C, a pair of these reference pattern vectors
Kj,j,™ and Kj,j, are originally of the same vector. Note
that the index j,j, in the equation 5 corresponds to the point
(1> Jo) shown in FIG. 6, and that m, in the equation 5 may
be an arbitrary natural number different from m; and m, in
the equation 3.
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[Equation 5]
I<j1f2(+)=(]‘71f2(+)1> Ky P2, i kJ.].l.z(Jr)mo)
KJ.].].2(7)=(]‘7.1].2(7)1> K92 o ok ]‘7.1].2(7)”10)
(G,=1,2,3,..., my)
(G=1,2,3,..., my) O]

The mean value u and the variance dj,j,> of the normal
distribution may be set at arbitrary values in a range where
a feature in the shape of the normal distribution can be
expressed by the m, pieces of component values of the
vector. In this embodiment, it is assumed that the mean value
is at a central position in the components of the reference
pattern vector and the variance is equal to a value described
below. Moreover, while it is assumed that the number mg, is
an odd number in this embodiment, the same discussion
holds also in the case where the number m, is an even
number.

FIG. 8 shows the normal curve of the equation 4, where
the mean value #=0 and the variance is o°. A value of the
kurtosis is equal to 3. Here, when a value of {(y) is increased
to be larger than the value of the normal curve in a range of
y indicated by a reference code (i) in FIG. 8, the value of the
kurtosis is greater than 3. And when the value of f(y) is
increased to be larger than the value of the normal curve in
each range of y indicated by a reference code (ii), the value
of the kurtosis is smaller than 3. Moreover, when the value
of f(y) is increased to be larger than the value of the normal
curve in a point of y in a boundary between the ranges
indicated by the codes (i) and (ii) (vicinity of a point where
y=-0.70 or y=+0.70), an amount of change in the value of
the kurtosis is small, and the value of the kurtosis falls in a
value nearly equal to 3. Meanwhile, when the value of f(y)
is increased to be larger than the value of the normal curve
in each range of y indicated by a reference code (iii), the
value of the kurtosis becomes unstable, that is, sometimes
greater than 3, and sometimes smaller than 3. These relations
are always correct regardless of the value of the variance o®
of the normal distribution.

Therefore, when the shape change between the standard
pattern matrix and the input pattern matrix is replaced with
the shape changes of the reference pattern vectors with the
values of the normal distribution as components, and the
sizes of the shape changes of the reference pattern vectors
are numerically evaluated as amounts of changes in the
kurtosis, the value of f(y) is set to be increased in a range of:
-2.102y=+2.10 (arange of y indicated by the codes (i) and
(i) in FIG. 8). Then, the value of the kurtosis is stable. In this
embodiment, a range of: —-1.40=y=+1.40is used so that the
range of y where the value of the kurtosis is greater than 3
and the range of y where the value of the kurtosis is smaller
than 3 can be in a ratio approximately equal to each other.

Meanwhile, in FIG. 6, the point (j;, j,) and the point (i,
i,) on the (frequency-time)-normalized plane are shown.
Moreover, the farthest point (m;, 1) from the point (j;, j)
among all of the points on the plane is also shown.
Accordingly, a length Ai,i,j,j, between the point (jy, j,) and
the point (i,, i,) can be calculated by the following equation
6. Similarly, a length Am, 1j,j, between the point (j;, j,) and
the point (m,, 1) can be calculated by the following equation
7. The length Am,1j,j, is the maximum value between the
point (j;, j») and each point.
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[Equation 6]
Wheni,=1,2,3,...,m;,and i,=1,2,3, ...

eV fe-m)
Alllzjljz—\/{(ml_l)} +{(m2—1)}

(i1=1,23,...,m)

©

(p=1,23,...,mp)

[Equation 7]

o o=V fa=-p)
A”“”””\/{(ml—m} +{<m2—1)}

(i1=1,23,...,m)

M

(2=1,2,3,... ,mp)

FIG. 9 three-dimensionally shows the (frequency-time)-
normalized plane shown in FIG. 6. FIG. 9 shows a normal
curve, of which centerline of the normal distribution passes
the point (j,, j,) and is vertical to the (frequency-time)-
normalized plane, and of which y-axis of the normal distri-
bution passes the point (m,, 1). Moreover, FIG. 9 also shows
a normal curve, of which centerline of the normal distribu-
tion passes the point (j,, j,) and is vertical to the foregoing
plane, and of which y-axis of the normal distribution passes
the point (i, i,). It is assumed that the variances oj,j,” of the
two normal curves have values equal to each other. Hence,
when the two normal curves are rotated around the center-
line as an axis, the normal curves coincide with each other.

Moreover, the normal curve shown in FIG. 7A two-
dimensionally shows the two normal curves shown in FIG.
9 in a superposed manner. In FIG. 7A, the point (j;, j,) is
made to correspond to y=0, and the point (m,, 1) is made to
correspond to y=-1.40j,j,. Accordingly, the point (i, i,)
will correspond to y between y=0 and y=-1.40j,j..

Moreover, the length Am,1j,j, between the point (j;, j,)
and the point (m,, 1) can be calculated by the equation 7.
This length is also a length between 0 and -1.40j,j, on the
y-axis shown in FIG. 7A. Accordingly, the value of the
variance in the normal distribution can be calculated by the
following equation 8.

[Equation 8]

Amyljja
14
(1=1,2,3,...,my)

®

Tjij2=

(p=1,23,...,mp)

If the value of the variance in the normal distribution is
calculated by the foregoing method, the principal compo-
nents in the normal distribution (in the range of:
-1.40=2y=+1.40 in the case of the equation 8) can cover the
entire (frequency-time)-normalized plane. Specifically, the
value of the variance in the normal distribution, which is
obtained by the equation &, is applied to the equation 4, thus
the normal curve is determined. Moreover, the value is
applied to FIGS. 7B and 7C and the equation 5, thus the
positive reference pattern vector Kj,j,™ and the negative
reference pattern vector Kj,j,> can be prepared.

Here, while the j,j, component as a specified component
of the pattern matrix is fixed by a pair of values among the
values j;=1 to m; and j,=1 to m,, each i,i, component (i,=1,
2,...,my)(1,=1,2,...,m,)is considered. A length Ai i, j,



US 7,006,970 B2

21

between the point (j;, j,) and the point (i;, i,) can be
calculated by the equation 6. The length Ai;i,j,j, is also a
value of deviation from the mean value of the normal
distribution as shown in FIG. 7A.

Meanwhile, when each interval between the adjacent
components of the reference pattern vector is set as Ayj,j, as
shown in FIG. 7C, a deviation value Lj,j,i, from the mean
value of the normal distribution, which corresponds to a
component number i, (ip=1, 2, . . ., my), can be calculated
by the following equation 9. Note that it is assumed here that
each interval between the adjacent components of the ref-
erence pattern vector is equal to the other. Moreover, in the
equation 9, (my+1)/2 is a component number of the center of
the reference pattern vector.

[Equation 9]

Lt aio = |io - 1‘><ij1 h ©
Go=1,2,3 ..., mg)
(h=1,2,3...,m)
(j=1,2,3,... ,mp)

In FIGS. 7A, 7B and 7C, a relation between the foregoing
values Ai;i,j,j, and Lj,j,i, is shown. FIG. 7A shows that the
value Ai;i,j,length between the point (j;, j,) and the point
(i;, 1,). And, FIG. 7B and 7C show the following.
Specifically, i, is the number of a component of each of the
positive reference pattern vector and the negative reference
pattern vector, the component being proximate to a position
apart from the center of each of the positive reference pattern
vector and the negative reference pattern vector by the
length Ai,i,j,j,. Moreover, Lj,j,i, is a deviation value from
the mean value of the normal distribution, which corre-
sponds to the component number 1.

Specifically, when the j,j, component and the 1,i, com-
ponent of the pattern matrix are given, the length Ai;isj,j-
between the two points thereof is calculated by the equation
6. Next, with regard to the reference pattern vectors,
obtained are the component number i,, the deviation value
Lj,j-i from the mean value of the normal distribution and
the component values kj,j,™ i, and kj,j, i,.

If the number m, of components of the reference pattern
vector is sufficiently increased, specifically, if the interval
Ayj,j, s sufficiently shortened, an error between the value of
M;i,]4), and the value of Lj,j,i, can be sufficiently reduced,
thus a highly precise calculation result is obtained.
Moreover, since the component number i, and the compo-
nent number (my—iy+1) are symmetrical with respect to the
mean value of the normal distribution, the component num-
ber (my-ip+1) may be used instead of the component num-
ber i,.

Next, a shape change between the standard pattern matrix
H and the input pattern matrix N is replaced with shape
changes of the positive reference pattern vector Kj,j, and
the negative reference pattern vector Kj,j,”. Specifically,
with regard to the i,i, component (i,=1, 2, . . ., m;) (i,=1,
2,...,m,) of the pattern matrix, an attention is paid to an
absolute value |ni,i,~hi,i,| of the amount of change between
the component value hi;i, of the standard pattern matrix H
and the component value ni, i, of the input pattern matrix N.
Then, as shown in the following equation 10, the component
value kj,j,™i, of the positive reference pattern vector
Kj,j, is increased by the absolute value |ni,i,~hi,i,| of the
amount of change when the component value ni,i, is greater
than the component value hi;i,. When the component value
ni, 1, is smaller than the component value hi,i,, the compo-
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nent value kj,j, 1, of the negative reference pattern vector
Kj,j, is increased by the absolute value |ni,i,~hi,i,| of the
amount of change.

[Equation 10]

When i,=1, 2, 3,...,m; and i,=1,2,3,..., my
if niyiy>higis, kij,Pig is increased by |niyi,—hiyh|,
if ni,i,<hi, iy, ki j,Oly is increased by |niyi,—hiyi,|.
(4,-1,2,3,...,my)

(G=1,2,2,...,my) (10)

Accordingly, if the value of the variance of the normal
distribution is calculated by the equation 8, and the compo-
nent values kj,j,™i, and kj,j, i, of the reference pattern
vectors are increased by the equation 10, then, for every
combination of the j,j, components and the 1,1, components
of the pattern matrix, the value of f(y) can be increased in the
range of: -1.40=y=+1.40.

Next, description will be made for the equation 10 with
reference to typical examples shown in pattern diagrams of
FIGS. 10 to 16. Each diagram denoted by a code A and each
diagram denoted by a code B in FIGS. 10 to 16 express the
m,xm, pieces of component values of the pattern matrix as
a shape of the matrix by the diagram. Each diagram denoted
by a code C in FIGS. 10 to 16 expresses the m, pieces of
component values of the reference pattern vector as a shape
of the vector by the diagram. Note that, in the case where a
power spectrum of only one component in the entire pattern
matrix is increased, when normalization is performed by the
equation 2, a normalized power spectrum of each of other
components is relatively decreased according to the increase
of such a normalized power spectrum of the component.
However, in FIGS. 10 to 16, an increase or a decrease is
indicated only at a noticed component in the input pattern
matrix shape, and any change in the other components is not
indicated for simplicity and easy understanding. Moreover,
the shape of the negative reference pattern vector is indi-
cated upside down for facilitating a comparison thereof with
the shape of the positive reference pattern vector.

Description of FIGS. 10 to 16 will be made below for the
case where the j,j, component as a specified component of
the pattern matrix is fixed to the position shown in FIGS. 6
and 9 and the centerline of the normal distribution passes the
J1J> component.

(1) FIGS. 10A to 10C show the case where a shape in a
standard pattern matrix and a shape in an input pattern
matrix are equal to each other. In this case, the positive
reference pattern vector and the negative reference pattern
vector are the same as that of a normal distribution.

(2) FIGS. 11A to 11C show the case where only a jqj,
component of a shape in an input pattern matrix is
increased by 9, than that of a shape in a standard pattern
matrix. In this case, a center portion of a shape of a
positive reference pattern vector is increased by §,, but a
shape of a negative reference pattern vector is not
changed.

(3) FIGS. 12A to 12C show the case where only a jij,
component of a shape in an input pattern matrix is
decreased by 8, than that of a shape in a standard pattern
matrix. In this case, a shape of a positive reference pattern
vector is not changed, but a center portion of a shape of
a negative reference pattern vector is increased by d,.

(4) FIGS. 13A to 13C show the case where only an m;1
component of a shape in an input pattern matrix is
increased by d; than that of a shape in a standard pattern
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matrix. In this case, as shown in FIG. 13B, a length
between a j,j, component and the m;1 component is
Am; 1j,j,. And as shown in FIG. 13C, a component of a
shape in a positive reference pattern vector, which is
proximate to a position apart by Am;1j,j, from a center of
the shape in the positive reference pattern vector, is
denoted by a component number 2. The component value
of the component 2 in the shape of the positive reference
pattern vector is increased by 8;. Meanwhile, the shape in
the negative reference pattern vector is not changed.

(5) FIGS. 14A to 14C show the case where only an m;1
component of a shape in an input pattern matrix is
decreased by 9, than that of a shape in a standard pattern
matrix. In this case, as shown in FIG. 14B, a length
between a j,j, component and the m;1 component is
Am,1j,j,. And as shown in FIG. 14C, a component of a
shape in a negative reference pattern vector, which is
proximate to a position apart by Am;1j,j, from a center of
the shape in the negative reference pattern vector, has a
component number 2. The component value of the com-
ponent 2 in the shape of the negative reference pattern
vector is increased by §,. Meanwhile, the shape in the
positive reference pattern vector is not changed.

(6) FIGS. 15A to 15C show the case where only an i;i,
component of a shape in an input pattern matrix is
increased by 95 than that of a shape in a standard pattern
matrix. Also in this case, as shown in FIG. 15B, a length
between a i;i, component and the i,i, component is
M;15]4]». And as shown in FIG. 15C, a component of a
shape in a positive reference pattern vector, which is
proximate to a position apart by Ai;i,j,j, from a center of
the shape in the positive reference pattern vector, has a
component number i,. The component value of the com-
ponent i, in the shape of the positive reference pattern
vector is increased by .

(7) FIGS. 16A to 16C shown the case where only an i,i,
component of a shape in an input pattern matrix is
decreased by 9 than that of a shape in a standard pattern
matrix. Also in this case, as shown in FIG. 16B, a length
between a i;i, component and the i,i, component is
M;1,]4]». And as shown in FIG. 16C, a component of a
shape in a negative reference pattern vector, which is
proximate to a position apart by Ai;i,j,j, from a center of
the shape in the negative reference pattern vector, has a
component number iy. The component value of the com-
ponent i, in the shape of the negative reference pattern
vector is increased by .

FIGS. 10 to 16 show typical examples, each indicating the
shapes in the standard pattern matrix and the input pattern
matrix. However, in the usual case, almost all portions of the
shape in the input pattern matrix are changed from the shape
in the standard pattern matrix. Hence, the equation 6 is
executed to calculate every length in all changed portions,
and the equation 10 is executed to calculate every shape
change in all the changed portions. Moreover, the equation
10 is set for obtaining not an absolute shape but a relative
shape change. Accordingly, the equation 10 is applicable to
any arbitrary standard pattern matrix and any arbitrary input
pattern matrix.

Next, with regard to a pair of the reference pattern vectors
(the positive reference pattern vector Kj,j,* and the nega-
tive reference pattern vector Kj,j»), in which shapes are
changed by the equation 10, each size of such shape change
is numerically evaluated as an amount of change in kurtosis.

Here, a kurtosis Aj,j,™* of the positive reference pattern
vector Kj,j,™ and a kurtosis Aj,j,*™ of the negative refer-
ence pattern vector Kj,j, can be calculated by the follow-
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ing equation 11, respectively. As shown in FIGS. 10A to
10C, Lj,j,iy (g=1, 2, . . ., mg) in the equation 11 is a
deviation value from the mean value of the normal
distribution, which is previously set by the equation 9 at an
arbitrary value in a range where a feature of the shape in the
normal distribution can be expressed.

[Equation 11]

mo mo (11
{Z ks j‘z*’io} : {Z (Lj jaio)* k1 j‘{’io}
(+)

PR i0=1 i0=1
AT == — 7
{Z (L 2o Ky j‘;’io}
i0=1
mo mo
{Z kjt j‘{’io} : {Z (Lt jaio)* K j‘{’io}
. (o) i0=1 i0=1
AjLfy’ = — 7
{Z (Lj1jaio)? -k ju j‘{’io}
i0=1

(i1=1,23,...,m)
(p=1,23,...,mp)

The kurtosis Aj,j, and the kurtosis Aj,j,, which are
calculated by the equation 11, are ratios of a biquadratic
moment around the mean value (center) of the normal
distribution to a square of a quadratic moment around the
mean value of the normal distribution.

Not only the kurtosis value of the normal distribution but
also a kurtosis value of any arbitrary reference shape can be
calculated by the equation 11.

As described above, in general, a component value of a
vector cannot be defined in the case of being negative in an
equation for calculating the kurtosis of the vector shape.
Accordingly, it is necessary that each component value of
the reference pattern vector not be negative in any relation
in size between the component values of the standard pattern
matrix and the input pattern matrix.

For this reason, the positive reference pattern vector
Kj,j," and the negative reference pattern vector Kj,j, are
prepared, in which initial shapes thereof are equal to each
other. By the equation 10, these component values are
changed, butt are set not to be decreased. By the equation 11,
the kurtosis Aj,j, and the kurtosis Aj,j,*™ are calculated,
respectively.

Next, from two amounts of changes of the kurtosis
Aj,j." of the positive reference pattern vector and the
Kurtosis Aj,j, of the negative reference pattern vector, a
difference between these two kurtoses (Aj;j»™-Aj,j.7) is
calculated to be set as a shape change amount Dj,j, repre-
senting a similarity between the standard pattern matrix and
the input pattern matrix.

For example, a value of the kurtosis Aj,j, of the
reference pattern vector Kj,j,™ and a value of the kurtosis
A,j,7 of the reference pattern vector Kj,j,, which are
initially set in the shape of the normal distribution by the
equation 5, are equal to 3. Therefore, the amount of change
in the kurtosis of the positive reference pattern vector and
the amount of change in the kurtosis of the negative refer-
ence pattern vector, both of which shapes are changed by the
equation 10, are equal to {Aj;j»*-3} and {Aj,j.-3},
respectively. Specifically, the amount of change in a positive
direction is {Aj,j,*"-3}, and the amount of change in a
negative direction is {Aj;j»"?-3}. The overall amount of
change is a difference therebetween. Hence, the shape
change amount Dj,j, can be calculated by the following
equation 12.
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[Equation 12]
Djjr={ap 57 =3 -{Ap 5 -3} a2
=AS - A
(h=L23 ....m)

(=123, ... ,m)

Next, with regard to each of the typical examples of the
shapes in the standard pattern matrices and the shapes in the
input pattern matrices, which are shown in FIG. 10A to FIG.
16C, consideration is made for the value of the shape change
amount Dj,j, calculated by the equation 12, which is sum-
marized as below.

(1) As shown in FIGS. 10A to 10C, in the case where the
shape in the standard pattern matrix and the shape in the
input pattern matrix are equal to each other, Aj,j,”=3 and
Ajj, =3, then the shape change amount Dj,j,=0.

(2) As shown in FIGS. 11A to 11C, in the case where the jj,
component of the shape in the input pattern matrix is
increased than that of the shape in the standard pattern
matrix, Aj,j,”>3 and Aj,j, =3, then Dj,j,>O0.

(3) As shown in FIGS. 12Ato 12C, in the case where the jj,
component of the shape in the input pattern matrix is
decreased than that of the shape in the standard pattern
matrix, Aj,j,”=3 and Aj,j,”>3, then Dj,j,<O0.

(4) As shown in FIGS. 13A to 13C, in the case where the
portion far apart from the j,j, component of the shape in
the input pattern matrix is increased than that of the shape
in the standard pattern matrix, Aj,j,*”<3 and Aj,j,¥=3,
then Dj,j,<O0.

(5) As shown in FIGS. 14A to 14C, in the case where the
portion far apart from the j,j, component of the shape in
the input pattern matrix is decreased than that of the shape
in the standard pattern matrix, Aj,j.(+)=3 and Aj,j, <3,
then Dj,j,>0.

(6) As shown in FIGS. 15A to 15G. in the case where the
portion intermediately apart from the j,j, component of
the shape in the input pattern matrix is increased than that
of the shape in the standard pattern matrix, the value of
f(y) in the boundary between the codes (i) and (ii) shown
in FIG. 8 (vicinity of th point where y=—0.70 or y=+0.70)
is increased than that of the normal curve, and the amount
of change in the kurtosis value is small. Thus, Aj,j,’-3
and Aj,j, -3, then Dj,j,—0.

(7) As shown in FIGS. 16A to 16C, in the case where the
portion intermediately apart from the j,j, component of
the shape in the input pattern matrix is decreased than that
of the shape in the standard pattern matrix, the value of
f(y) in the boundary between the codes (i) and (ii) shown
in FIG. 8 (vicinity of the point where y=-0.70 or y=070)
is increased than that of the normal curve, and the amount
of change in the kurtosis value is small. Thus, Aj,j,’-3
and Aj,j,¥-3 then Dj,j,—0.

Specifically, when the normalized power spectrum of the
input voice is relatively stronger than the normalized power
spectrum of the standard voice near the center of the normal
distribution (vicinity of j;j, component of the shape in the
pattern matrix), the shape change amount Dj,j, is positive,
and increases in proportion to the relative strength.
Conversely, when the normalized power spectrum of the
input voice is relatively weaker than the normalized power
spectrum of the standard voice near the center of the normal
distribution, the shape change amount Dj,j, is negative, and
decreases in proportion to the relative strength.

Next, in the case where the mean value of the normal
distribution sequentially is moved to each position of the

10

15

20

30

35

40

45

50

55

60

65

26

component of the shape in the standard pattern matrix, the
shape change amount at each position is obtained. FIGS.
17A and 17B show an example where only the i1, compo-
nent of the shape in the input pattern matrix is increased than
that of the shape in the standard pattern matrix. FIG. 18
shows the normal distribution having a variance different
from others and the length Ai;i,j,j, (=1, 2, . .., m;) (=1,
2, . .., m,) between the mean value of the normal
distribution and the point (i,, i,) in each case where the mean
value of the normal distribution is moved to the position of
the point (i1, j») G:=1, 2, . . ., my) (j»=1, 2, . . . , m,) in the
example shown in FIGS. 17A and 17B. FIG. 19 shows the
shape in the positive reference pattern vector and the shape
in the negative reference pattern vector in each case shown
in FIG. 18.

In FIG. 18, in each case of the point (j, j,) G,=1,2, . . .,
m,) (=1, 2, . . ., m,), the farthest point from the point (j,,
j») among all of the points on the (frequency-time)-
normalized plane is applied to the equation 7 to obtain the
maximum value of the length between the point (j,, j,) and
each point. Thus, the normal distribution having a variance
different for each point (j,, j,) is prepared by the equation 8.
Hence, the centerline of the normal distribution is set to pass
the point (j;, j,) and to be vertical to the foregoing plane.
When the normal distribution is rotated around the center-
line as an axis, the principal portion of the normal distribu-
tion can always cover the entire plane regardless of the
position of the mean value of the normal distribution. In this
connection, in FIG. 19, each shape in the positive reference
pattern vector and each shape in the negative reference
pattern vector are different from the others in response to
each case of the points (jy, j.)-

FIGS. 17A and 17B show that the i,i, component of the
shape in the input pattern matrix of FIG. 17B is increased by
d than that of the shape in the standard pattern matrix of FIG.
17A. FIG. 18 shows the length Aiyisjqj, (=1, 2, ..., m;)
(G.=1, 2, . . ., m,) between the mean value of the normal
distribution and the point (i, i,). FIG. 19 shows that, only
in each positive reference pattern vector, the portion corre-
sponding to the component number thereof proximate to the
position apart by Aiij,j, from the center thereof is
increased by the same value d, and that the shape of the
negative reference pattern vector remains unchanged.

Moreover, in the case where the mean value of the normal
distribution is apart from the center position of the shape in
the standard pattern matrix, each portion denoted by a
reference code (i) in FIG. 18 does not correspond to the
component number (i;=1, 2, ..., m,) (i,=1,2, ..., m,) of
the standard pattern matrix or the input pattern matrix.
Therefore, the shape in the positive reference pattern vector
corresponding to the portion always remains unchanged.

In the equation 11, the deviation value Lj,j,i, from the
mean value of the normal distribution is squared or made
biquadratic. Meanwhile, in the positive reference pattern
vector and the negative reference pattern vector, the com-
ponent number i, and the component number (m,-i,+1) are
symmetrical with respect to the mean value of the normal
distribution. Therefore, the value obtained by squaring the
deviation value 1j,j,i, from the mean value of the normal
distribution or making the same biquadratic is equal to the
value obtained by squaring Lj,j,(my—iy,+1) or making the
same biquadratic. Accordingly, the component number (mg—
ip+1) may be used instead of the component number i,.

In the paragraph “0066” of the gazette of Japanese Patent
Laid-Open No. Hei 10 (1998)-253444 (Japanese Patent
Application No. Hei 9 (1997)-61007), described is: “A value
in a part indicated by (ii) in FIG. 11 is never changed in spite
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of the change of the input pattern vector indicated by the
dotted line because this part is outside of the range of the
positive reference pattern vector and the negative reference
pattern vector.” In the present invention, for example, the
normal distribution having a variance different for each
point (j;, j») is prepared by the equations 7 and 8, and the
principal portion of the normal distribution always covers
the entire pattern matrix regardless of the position of the
mean value of the normal distribution. Hence, it is made
possible to always change the values of all component
numbers of the standard pattern matrix and the input pattern
matrix. Thus, all of the shape changes between the standard
pattern matrix and the input pattern matrix are reflected to
the values of kurtosis, thus the performance for detecting a
similarity is improved.

As described above, with regard to each case where the
mean value of the normal distribution is moved to the
position of the j;j, component of the shape in the standard
pattern matrix, the shape change amount Dj,j, ;1=1,2, .. .,
m,) (=1, 2, . . ., m,) is calculated by the processing
procedure using sequentially the equations 7, 8, 5, 9, 6, 10,
11 and 12 similarly to the foregoing manner. FIGS. 18 and
19 show the state in such calculation. As shown in FIG. 19,
Ljqjoig (1p=1, 2, . . ., my) in the equation 11 is a deviation
value from the mean value of each moved normal
distribution, and kj;j,™i, and kj,j» iy (=1, 2, . . . , mg)
correspond to this Lj;j,™ 0.

FIG. 20 is a flowchart showing a processing procedure for
calculating m, xm, pieces of the shape change amounts Dj,j,
by use of the equations 5 to 12. Here, the processing
procedure after the standard pattern matrix H and the input
pattern matrix N are prepared by the equation 3 is shown.
Steps S3-1 to S3-9 in FIG. 20 show also a detail of step 3
in FIG. 24.

In FIG. 20, in the first step S3-1, initial setting is made as
j;=1 and j,=1. In the next steps S3-2 to S3-7, the loop for
calculating the shape change amount Dj,j, starts by j, being
increased one by one until j,=m,. And in the steps S3-2 to
S3-9, the loop for calculating the shape change amount Dj,j,
starts by j, being increased one by one until j,=m,.

In Step S3-2 in the loop for calculating the shape change
amount, a pair of the reference pattern vectors (the positive
reference pattern vector Kj,j, and the negative reference
pattern vector Kj,j,™) are prepared by sequentially using
the equations 7, 8, 5 and 9. Specifically, each time the loop
is executed, the maximum value of the length between the
point (i;, j,) and each point is obtained by the equation 7, the
variance of the normal distribution is calculated by the
equation 8, the positive reference pattern vector and the
negative reference pattern vector with the values of the
normal distribution as components are prepared by the
equations 5 and 9. Next, in steps S3-3 to S3-5, the shape
change amount Dj,j, is calculated by sequentially using the
equations 6, 10, 11 and 12. Specifically, in step S3-3, the
length between each point on the (frequency-time)-
normalized plane and the point (j;, j,) is obtained by the
equation 6. Then, the numbers of the components of the
positive reference pattern vector and the negative reference
pattern vector are calculated, the components being proxi-
mate to positions apart by the foregoing length from the
centers of the positive reference pattern vector and the
negative reference pattern vector. The shapes of the positive
reference pattern vector Kj,j, and the negative reference
pattern vector Kj,j, are changed by the equation 10. Then,
in step S3-4, the kurtosis Aj,j,* of the positive reference
pattern vector and the kurtosis Aj,j,” of the negative
reference pattern vector are calculated by the equation 11.
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And, in step S3-5, the shape change amount Dj,j, is calcu-
lated by the equation 12.

In accordance with the processing procedure as described
above, in the respective cases corresponding to the j,j,
components (j;=1,2,...,m,) (.=1,2,...,m,), the m;xm,
pieces of shape change amounts Dj,j, can be calculated.

FIG. 21 is a pattern diagram of the shape change amount
for each component of the pattern matrix calculated by the
processing procedure of FIG. 20 with regard to the shape in
the standard pattern matrix and the shape in the input pattern
matrix, which are shown in FIGS. 17A to 19.

What is understood from FIG. 20 is that, when the mean
value of the normal distribution is moved to the same
position as the portion where the shape in the input pattern
matrix is larger than the shape in the standard pattern matrix
as in FIGS. 18 and 19, the shape change amount becomes
maximum as shown in FIG. 21 (in the portion indicated by
Di, i, in the figure), and when the mean value is moved to a
portion apart therefrom, the shape change amount becomes
negative.

In the paragraph “0076” of the gazette of Japanese Patent
Laid-Open No. Hei 10 (1998)-25344 (Japanese Patent
Application No. Hei 9 (1997)-61007), described is: “When
the mean value of the normal distribution is moved to a
position further apart, since a portion denoted by (ii) in FIG.
11 occurs, the shape change amount corresponding to the
band of the center frequency f1 in FIG. 13 becomes 0 as
shown therein.” However, in the present invention, it is
made possible to always change the values in all the com-
ponent numbers of the standard pattern matrix and the input
pattern matrix. Therefore, the shape change amount is no
longer fixed to 0. Thus, all the shape changes between the
standard pattern matrix and the input pattern matrix are
reflected to the values of kurtosis, and the performance of
detecting the similarity is improved.

As described above, the shape change amount Dj,j,, that
is, the difference (Aj,j,”-Aj,j,”) between the kurtosis of
the positive reference pattern vector and the kurtosis of the
negative reference pattern vector, of which shapes are
changed, is increased in the case where the center of the
reference shape is moved to the same position as the portion
where the shape in the input pattern matrix is larger than the
shape in the standard pattern matrix.

Specifically, with regard to the normalized power spec-
trum of the input voice, it is possible to detect which
component of the pattern matrix thereof is stronger than that
of the normalized power spectrum of the standard voice and
how strong the component is, as a shape change amount.

Next, a difference between the shape in the standard
pattern matrix and the shape in the input pattern matrix is
numerically evaluated as one value of the geometric distance
between two pattern matrices by using the m;xm, pieces of
shape change amounts Dj j, (,=1,2,...,m,) (j,=1,2, ...,
obtained in the above-described manner.

It is conceived that the value of the geometric distance is
a sum of the m,xm, pieces of shape change amounts Dj,j,.
Hence, the value d of the geometric distance can be calcu-
lated by the following equation 13.

[Equation 13]

m my -
d= | X X (Djij)
J1=1 jp=1

In the equation 13, the value of the geometric distance is
obtained by calculating a square root of a value that is a sum
of squares of the m,xm, pieces of shape change amounts

13
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Dj,j,. However, as in the following equation 14, the sum
itself of the squares of the m,xm, pieces of shape change at
amounts Dj,j, can be calculated to obtain the value d of the
geometric distance.

[Equation 14]

mooom

d=3" > Wjp’

J1=1 jp=1

(14)

Description has been made as above for the method for
calculating the value of the geometric distance. Next, with
regard to the standard voice 20 and the input voices 21, 22
and 23 shown in FIGS. 39 and 40, the values d21, d22 and
d23 of the geometric distances between the standard pattern
matrix 20A and each of the input pattern matrices 21A, 22A
and 23A are calculated by use of the above-described
method.

FIG. 22 is a graph showing a state how the values d21,
d22 and d23 of the geometric distances are changed when
the parameter o in FIG. 40 is increased from O to 1. From
FIG. 22, it is understood that, in the example of FIGS. 39 and
40, a relation among the values of the geometric distances is
always as: d21=d22<d23, and that the values d21, d22 and
d23 of the geometric distances are increased according to an
increase of the parameter o.

In the case where the parameter « is small in the example
of FIGS. 39 and 40, it is assumed that the input voice 21 and
the input voice 22 are “sway of spectrum intensity” of the
fricative consonants /s/, and that the input voice 23 is a voice
different from the fricative consonants /s/.

Heretofore, the Euclid distance or the angle from the
standard voice has been used. Therefore, when the values of
the parameter o are equal among the input voices 21, 22 and
23 in FIGS. 39 and 40, as shown in FIGS. 43 and 44, it has
been impossible to judge that the input voices 21 and 22 are
the standard voices, and that the input voice 23 is not the
standard voice.

However, in the present invention, even if the values of
the parameter o are equal among the input voices 21, 22 and
23, by comparing the values d21, d22 and d23 of the
geometric distances from the standard voice with an arbi-
trarily set acceptable value as shown by white marks 5 and
6 in FIG. 22, judgment can be made that the input voices of
the white mark 6 are the standard voice, and that the input
voice of the white mark 5 is not the standard voice.
Specifically, the input voices 21 and 22 of the fricative
consonants /s/ and the input voice 23 different from the
fricative consonant /s/ can be distinguished.

Moreover, with regard to the standard voice 24 and the
input voices 25, 26 and 27 shown in FIGS. 41 and 42, it is
conceived that the values d25, d26 and d27 of the geometric
distances between the standard pattern matrix 24A and each
of the input pattern matrices 25A, 26A and 27A are calcu-
lated by using the above-described method for calculating
the value of the geometric distance.

FIG. 23 is a graph showing a state how the values d25,
d26 and d27 of the geometric distances are changed when
the parameter §§ in FIG. 42 is increased from 0 to 1. From
FIG. 23, it is understood that, in the example of FIGS. 41 and
42, a relation among the values of the geometric distances is
always as: d25<d26<d27, and that the values d25, d26 and
d27 of the geometric distances are increased according to an
increase of the parameter f3.

In the example of FIGS. 41 and 42, it is assumed that the
input voice 25 is the same voice as the standard voice 24, in
which the “shift of frequency” or the “shift of time” occurs
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in its peak, and that the input voices 26 and 27 are voices
different from the standard voice 24.

Heretofore, the Euclid distance or the angle from the
standard voice has been used. Therefore, when the values of
the parameter 3 of the input voices 25, 26 and 27 are equal
thereamong in FIGS. 41 and 42, as shown in FIGS. 45 and
46, it has been impossible to judge that the input voice 25 is
the standard voice, and that the input voices 26 and 27 are
not the standard voice.

However, in the present invention, even if the values of
the parameter § are equal among the input voices 25, 26 and
27, by comparing the values d25, d26 and d27 of the
geometric distances from the standard voice with an arbi-
trarily set acceptable value as shown by three white marks
7, 8 and 9 in FIG. 23, judgment can be made that the input
voice of the white mark 9 is the standard voice, and that the
input voices of the white marks 7 and 8 are not the standard
voice. Specifically, the input voice 25 same as the standard
voice 24 and the input voices 26 and 27 different from the
standard voice 24 can be distinguished.

Moreover, in FIGS. 41 and 42, a size of the “shifts of
frequency” or the “shifts of time” in the peaks of the input
voices 25, 26 and 27 with respect to the peak in the standard
voice 24 is increased in the order of the input voices 25, 26
and 27. Meanwhile, in FIG. 23, the relation among the
values of the geometric distances is as: d25<d26<d27.
Accordingly, if the values of the geometric distances are
used, the sizes of the “shifts of frequency” or the “shifts of
time” in such peaks can be detected.

Next, with reference to FIG. 24, description will be made
for an example where a computer continuously detects the
similarity between the voices one of which is continuously
recognized by using the above-described method for detect-
ing the similarity between the voices.

FIG. 24 is a flowchart showing steps executed by the
computer for recognizing the voice. In FIG. 24, first, in step
S1, the standard pattern matrix is previously prepared from
the standard voice. In the next step S2, the input pattern
matrix is prepared from the input voice. In step S3, the shape
change amount Dj,j, (;=1, 2, ..., m;) (=1, 2, . . . , m,)
is calculated. Here, the procedure of calculating the shape
change amount in step S3 is constituted of the above-
described steps S3-1 to S3-9 in FIG. 20. Then, in step S4, the
value d of the geometric distance is calculated. In step S5,
the value d is compared with the acceptable value to judge
whether or not the input voice is the standard voice. After the
judgment, the processing is iterated from step S2.

In accordance with such processing procedure, the voices
can be continuously recognized. When the value d of the
geometric distance exceeds the acceptable value, it is judged
that the input voice is not the standard voice in step S6. And
when the value d of the geometric distance is within the
acceptable value, it is judged that the input voice is the
standard voice in step S7.

Incidentally, in general, recognition is made as to which
voice in a plurality of voices, such as voices /a/, /i/, /u/, /e/
and /o/, an input voice is in many cases in the voice
recognition. In such a case, each of the voices /a/, /i/, /u/, /e/
and /o/ is conceived as an individual standard voice, and five
standard pattern matrices are previously prepared from these
standard voices.

Next, one input pattern matrix is prepared from the input
voice. Then, the value of the geometric distance between the
input pattern matrix and each of the five standard pattern
matrices is calculated. The minimum value among the
values of the geometric distances thus calculated is com-
pared with an arbitrarily set acceptable value. When the
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minimum value of the geometric distance does not exceed
the acceptable value, it is judged that the input voice is the
standard voice giving the minimum value of the geometric
distance. When the minimum value of the geometric dis-
tance exceeds the acceptable value, it is judged that the input
voice is not any of the five standard voices.

FIG. 25 is a block diagram showing an apparatus of
detecting similarity between voices for realizing the fore-
going processing procedure. In FIG. 25, a reference numeral
10 denotes a pattern vector generator. A numeral 11 denotes
a pattern matrix generator. A numeral 12 denotes a com-
parator. And, numerals 13, 14 and 15 denote calculators,
respectively.

The pattern vector generator 10 generates the positive
reference pattern vector Kj,j, and the negative reference
pattern vector Kj,j,, both having the values of the normal
distribution as components. The pattern matrix generator 11
generates the standard pattern matrix H with a feature
amount of the standard voice as a component and the input
pattern matrix N with a feature amount of the input voice as
a component. The comparator 12 compares the component
value of the input pattern matrix with the component value
of the standard pattern matrix in size with regard to each
component of the pattern matrices. The calculator 13 obtains
a length between the specified component and a component
in each of the pattern matrices, calculates the numbers of the
components of the reference pattern vectors, the components
being proximate to the positions apart by the the foregoing
length from the centers of the reference pattern vectors.
When the component value of the input pattern matrix is
greater than the component value of the standard pattern
matrix, the calculator 13 increases the component value of
the foregoing component number of the positive reference
pattern vector Kj,j, by an absolute value of a difference
therebetween. When the component value of the input
pattern matrix is smaller than the component value of the
standard pattern matrix, the calculator 13 increases the
component value of the foregoing component number of the
negative reference pattern vector Kj,j,” by an absolute
value of a difference therebetween. The calculator 14 cal-
culates a difference between the value of the kurtosis of the
positive reference pattern vector Kj,j,™ generated by the
calculator 13 (value increasing means) and the value of the
kurtosis of the negative reference pattern vector Kj,j,”
generated by the calculator 13. Here, in calculating the
difference between the values of the kurtoses, the difference
therebetween is obtained while moving the specified com-
ponent of the pattern matrix to the position of each compo-
nent. The calculator 15 calculates a square root of a value
that is a sum of squares of such differences therebetween to
obtain a geometric distance between the standard pattern
matrix ant the input pattern matrix.

In short, as shown in FIG. 24, the standard pattern matrix
with the feature amount of the standard voice as a compo-
nent and the input pattern matrix with the feature amount of
the input voice as a component are prepared (steps S1 and
S2). Then, the reference shape with the variance different for
each specified component of the pattern matrices is
prepared, and the positive reference pattern vector and the
negative reference pattern vector, each having the foregoing
reference shape as a component, are prepared. Subsequently,
while moving the specified component of the pattern matri-
ces (center of the reference shape) sequentially to the
positions of the respective components of j;=1 to m,, j,=1
to m, of the standard pattern matrix, the change in shape
between the standard pattern matrix and the input pattern
matrix is replaced with the changes in shapes of the positive
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reference pattern vector and the negative reference pattern
vector. Then, the amount of kurtosis change between the
positive reference pattern vector and the negative reference
pattern vector is numerically evaluated to obtain the shape
change amount Dj,j, (step S3). Based on the shape change
amount Dj.j, (=1, 2, ..., m;) (j.=1, 2, . . ., m,), the value
d of the geometric distance between the shapes in the pattern
matrices of the standard voice and the input voice is calcu-
lated (step S4). Thus, a precise detected value of the simi-
larity between the voices can be obtained. Moreover, the
detected value of the voice similarity (value d of the geo-
metric distance) is compared with an arbitrarily set accept-
able value (step S5), it is judged that the input voice when
the value d of the geometric distance exceeds the acceptable
value is not the standard voice (step S6), and it is judged that
the input voice when the value d of the geometric distance
is within the acceptable value is the standard voice (step S7).
Thus, a precise voice recognition result can be obtained.

(I1) Method for Judging Abnormality in Machine

Next, description will be made for a method for detecting
a similarity between vibration waves and a method for
judging an abnormality in a machine by use of the detected
value. In this embodiment, for judging an abnormality in a
machine, a change with time of a frequency distribution of
the vibration wave is normalized, and a standard pattern
matrix and an input pattern matrix are prepared. Then, a
shape change between these pattern matrices is replaced
with shape changes of reference pattern vectors with values
of a normal distribution as components, and sizes of the
shape changes of the reference pattern vectors are numeri-
cally evaluated as amounts of changes in kurtosis. Thus, the
similarity between the vibration waves is detected.
Furthermore, an abnormality in a machine is judged by used
of the detected value.

In FIG. 1, instead of the microphone, a vibration wave in
a machine is measured by an appropriate vibration sensor.
As shown in FIG. 1, assuming that the output signal from the
i;-th A/D converter 3 is xi,(t) (i;=1, 2, . .., m,) as a function
of time t, the function xi,(t) is a frequency component wave
of the vibration wave extracted by the i,-th band-pass filter
2. Moreover, in FIG. 3, assuming that an i,-th time is ti,
(i,=1, 2, ..., m,), the function xi,(t) is measured individu-
ally for each time, thus it is possible to extract a feature of
a change with time of the frequency distribution of the
vibration wave. Therefore, a power spectrum Pi i, at the
i,-th time in the i;-th frequency band can be calculated by
the equation 1. Note that a time length T for calculating a
sum of squares of the function xi,(t) is arbitrarily set so that
a feature of the vibration wave, which changes according to
time, can remarkably appear.

The above-described processing procedure for detecting a
similarity between voices is applied to the power spectrum
Pi;i, of the vibration wave calculated in the foregoing
manner. Thus, the abnormality in a machine is judged.

Concretely, the standard pattern matrix with a feature
amount of a standard vibration wave as a component and the
input pattern matrix with a feature amount of an input
vibration wave as a component are prepared. Then, the
change in shape between these pattern matrices is replaced
with the changes in shapes of the positive reference pattern
vector and the negative reference pattern vector. And, sizes
of these shape changes are defined as amounts of changes in
the kurtosis. Based on a difference between the kurtosis
values of the positive reference pattern vector and the
negative reference pattern vector, a value of a geometric
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distance between the standard pattern matrix and the input
pattern matrix is calculated. The value of the geometric
distance thus obtained is compared with an arbitrarily set
acceptable value. When the value of the geometric distance
exceeds the acceptable value, it is judged that the machine
is abnormal. When the value of the geometric distance is
within the acceptable value, it is judged that the machine is
normal.

(IIT) Method for Recognizing Image

Next, description will be made for a method for detecting
a similarity between images and a method for recognizing an
image by use of the detected value. In this embodiment, for
recognizing an image, a density pattern of an image is
normalized, and a standard pattern matrix and an input
pattern matrix are prepared. Then, a shape change between
the pattern matrices is replaced with shape changes of
reference pattern vectors with values of a normal distribu-
tion as components, and sizes of the shape changes of the
reference pattern vectors are numerically evaluated as
amounts of changes in kurtosis. Thus, the similarity between
the images is detected. Furthermore, an image is recognized
by use of the detected value.

FIG. 26 is an example of an image of an alphabet “E”. As
shown in FIG. 26, the image is constituted of m,xm, pieces
of pixels obtained by partitioning the image into m, pieces
in an x-direction and m, pieces in a y-direction. Here, if it
is assumed that a density of an image in a pixel of the i,-th
in the x-direction and of the i,-th in the y-direction is Pi,i,,
a normalized density pi,i, is calculated by the equation 2.

Next, a standard pattern matrix H with a normalized
density pi;i, (i;=1,2, ..., m;) (i,=1,2,...,m,) of a
standard image as a component and an input pattern matrix
N with a normalized density pi;i, (i;=1, 2, . . ., m;) (i,=1,
2,...,m,) of an input image as a component are prepared.
These standard pattern matrix H and input pattern matrix N
are expressed as in the equation 3. Note that, the equation 3
is interpreted such that the shapes in the normalized densi-
ties of the standard image and the input image are expressed
by the m,xm, pieces of component values of the pattern
matrix.

FIG. 27A shows the standard pattern matrix H expressed
on an (x-y) plane, and FIG. 27B shows the input pattern
matrix N expressed on an (x-y) plane.

The foregoing processing procedure for detecting a simi-
larity between voices is applied to the standard pattern
matrix H and the input pattern matrix N of the image, which
have been prepared in the above-described manner. Thus,
the image is recognized.

Concretely, the standard pattern matrix with a feature
amount of the standard image as a component and the input
pattern matrix with a feature amount of the input image as
a component are prepared. Then, the shape change between
these pattern matrices is replaced with the shape changes of
the positive reference pattern vector and the negative refer-
ence pattern vector, and sizes of the shape changes are
defined as the amounts of changes in kurtosis. Based on a
difference between values of the kurtoses of the positive
reference pattern vector and the negative reference pattern
vector, a value of a geometric distance between the standard
pattern matrix and the input pattern matrix is calculated.
Then, the value of the geometric distance thus obtained is
compared with an arbitrarily set acceptable value. When the
value of the geometric distance exceeds the acceptable
value, it is judged that the input image is not the standard
image, and when the value of the geometric distance is
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within the acceptable value, it is judged that the input image
is the standard image.

[Experiment]

Next, description will be made for an experiment with
reference to FIGS. 28, 29, 30A, 30B and 30C. FIGS. 28 and
29 show a state as below with regard to a standard image 16
having a density shape of a code “+” and input images 17,
18 and 19, each having total densities of the entire pixels
equal to that of the standard image but having a sideline
different in position from that of the standard image.
Specifically, a standard pattern matrix 16A of seven rows
and nine columns with the density of the standard image 16
as a component is previously registered, and the input
pattern matrices 17A, 18A and 19A, each having seven rows
and nine columns with each density of the input images 17,
18 and 19 as a component is prepared. Then, as a scale of the
similarity between the standard pattern matrix 16A and each
of the input pattern matrices 17A, 18A and 19A, Euclid
distances or cosines of angles ¢17, ¢18 and el9 and the
geometric distances d17, d18 and d19 are calculated. For
simplicity, FIG. 29 shows unnormalized component values
of the standard pattern matrix H and the input pattern matrix
N

FIGS. 30A, 30B and 30C are bar graphs showing values
el7,¢18 and e¢19 of the Euclid distances, values ¢17, ¢18 and
e19 of the cosines of the angles, and values d17, d18 and d19
of the geometric distances, which are obtained by the
experiment, respectively.

As described above, FIGS. 30A, 30B and 30C are the bar
graphs showing the respective values of the distances, each
between the standard image and the input image obtained by
calculating the value of the Euclid distance, the value of the
cosine of the angle and the value of the geometric distance
from the same measurement data. In accordance with FIGS.
30A, 30B and 30C, the following can be said.

(1) In FIGS. 28 and 29, sizes of “shifts of positions” of the
sidelines in the input images 17, 18 and 19 with respect
to the sideline of the standard image 16 are increased in
the order of the input images 17, 18 and 19. In FIGS. 30A
and 30B, a relation among the values ¢17, ¢18 and ¢19 of
the both Euclid distances and the cosines of the angles are:
el17=c18=¢19. Therefore, even if the Euclid distances or
the cosines of the angles are used, the sizes of the “shifts
of positions” of the sidelines cannot be detected.
Meanwhile, in FIG. 30C, a relation among the values of
the geometric distances is: d17<d18<d19. If the geometric
distances are used, the sizes of the “shifts of positions” of
the sidelines can be detected.

(2) In FIGS. 28 and 29, it is assumed that the input image 17
and the standard image 16 are the same image and the
“shifts of positions™ occur in the sidelines thereof, and
that the input image 18 and the input image 19 are images
different from the standard image 16. Here, when the
Euclid distances or the cosines of the angles are used,
even if the acceptable values are set at any positions in
FIGS. 30A and 30B, it is impossible to judge that the input
image 17 is the standard image and that the input images
18 and 19 are not the standard images. Meanwhile, when
the geometric distances are used, if the acceptable value
is set at the position shown in FIG. 30C, it is possible to
judge that the input image 17 is the standard image and
that the input images 18 and 19 are not the standard
images.

From the above results of the experiment, it can be
understood that the geometric distances are more preferable
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than the Euclid distances or the cosines of the angles for use
in detecting a similarity between the images more precisely.

(IV) Method for Recognizing Solid

Next, description will be made for a method for detecting
a similarity between solids and a method for recognizing a
solid by use of the detected value. In this embodiment, for
recognizing a solid, a density pattern of a solid (mass of a
unit volume) is normalized, and a standard pattern matrix
layer and an input pattern matrix layer are prepared. Then,
a shape change between the pattern matrix layers is replaced
with shape changes of reference pattern vectors with values
of a normal distribution as components, and sizes of the
shape changes of the reference pattern vectors are numeri-
cally evaluated as amounts of changes in kurtosis. Thus, the
similarity between the solids is detected. Furthermore, a
solid is recognized by use of the detected value.

Here, the above-described method for detecting a simi-
larity between (two-dimensional) two pattern matrices such
as voices, vibration waves and images is extended to the
method for detecting a similarity between (three-
dimensional) two pattern matrix layers.

FIG. 31 shows a distribution of a solid density (mass of
a unit volume). As shown in FIG. 31, the solid is constituted
of m,xm,xm; pieces of sections obtained by partitioning the
solid into m, pieces in an x-direction, m, pieces in a
y-direction and mj pieces in a z-direction. Here, if it is
assumed that a density of a solid in a section of the i;-th in
the x-direction, of the i,-th in the y-direction and of the i,-th
in the z-direction is Pi,i,i5, a normalized density pi,i,i; can
be calculated by the following equation 15 instead of the
equation 2.

[Equation 15]

A Piyiyi (15)
XX X Pihs
j1=1 2=l j3=1
=123, ... ,m)
(=123, ... , m)
(3=1,2,3, ... , m)

Next, a standard pattern matrix layer H with a normalized
density pi;iris (i;=1, 2, . . ., my) (i,=1, 2, . . ., m,) (iz=1,
2, ..., component and an input pattern matrix layer N with
a normalized density pi;iis (i,=1,2,...,m;) (i,=1,2,...,
m,) (i;=1, 2, . . ., component are prepared. These standard
pattern matrix layer H and input pattern matrix layer N are
expressed as in the following equations 16 and 17 instead of
the equation 3. Note that, the equation 16 expresses the
shape of the normalized density of the standard solid by the
m, xm,xm; pieces of component values of the pattern matrix
layer, and the equation 17 expresses the shape of the
normalized density of the input solid by the m,xm,xm,
pieces of component values of the pattern matrix layer.
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[Equation 16]

hlIms
h2Imy

hiy Ims

By Ims -+

hilis
n21i

hiy lis

hmy iz -

hill
h211

hiy 11

hmy Il e

[Equation 17]

nllms

n21ms

niy Ims

nmyImg -

nlli

I’L21i3

niy lis

nmy iz -

36

hliyms

h2iyms
hiyiyms

hmy iyms

hi iz
iyiy

hiyigis

hmy iz

hlis!
h2iz !

hiyipl

hmyinl -

n1i2m3

n2 i2m3
niyipms

nmyims

nlipiz

n2i2i3
nijigis

nmyiis

himyms

h2moms
hiyimyms

- hmymyms

h1m2i3

h2myis

hiymais

- hmymyis

himyl
h2my 1

hi1m21

hmymy 1

nimyms

n2moms
niymoms

- nmpnpms

nlmyis

n2m2 i3

niymy i3

- nmymyis

(16)

an
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FIG. 32 shows the standard pattern matrix layer H
expressed in an (x-y-z) space, and FIG. 33 shows the input
pattern matrix layer N expressed in an (x-y-z) space, simi-
larly. Moreover, FIG. 34 shows an (x-y-z) normalized space
with a longitudinal length, a lateral length and a height of
each of the spaces in FIGS. 32 and 33 set as 1. Accordingly,
as shown in FIG. 34, the longitudinal length between the
components is expressed as: 1/(m;-1), the lateral length
between the components is expressed as: 1/(m,-1), and the
height between the components is expressed as: 1/(m5-1).

FIG. 35A is a graph showing the normal distribution
(normal curve) of the equation 4 when the mean value is:
=0 and the variance is 0j,j,js>. FIGS. 35B and 35C show
bar graphs with heights equal to the function values of the
normal curve. Here, a positive reference pattern vector
Kjj.is with a value of the height of the bar graph as a
component is prepared as shown in FIG. 35B, a negative
reference pattern vector Kj,j,j,™ with a value of the height
of the bar graph as a component is prepared as shown in FIG.
35C, each of which is expressed as in the following equation
18 instead of the equation 5. The equation 18 expresses the
shape of the normal distribution by the m, pieces of com-
ponent values in vectors. While each of the equations 16 and
17 expresses the (three-dimensional) matrix layers, the
equation 18 expresses (one-dimensional) vectors. As under-
stood from FIGS. 35A to 35C, the pair of reference pattern
vectors Kj,j.i™ and Kj,j,j, are the vectors equivalent to
each other. Note that, the index j,j,j; in the equation 18
corresponds to the point (j;, j,, j;) shown in FIG. 34, and the
mg in the equation 18 may be an arbitrary natural number
different from m,, m, and m; in the equations 16 and 17.
[Equation 18]

Kjy i 357 = iy i 570, kG 2 3502, (18)

Ky ja 5oy oo Ky g2 15 )

Kjy o35 = UGy o 5L K 3572,

Kiyj2 50, o k2 5 mo)
Gr=1,2,3, ... ,my)
Ga=1,2,3, ... ,my)
(G3=1,2,3, ... ,m3)

Meanwhile, in FIG. 34, the point j;, j,, j;) and the point
(i;, i, iy) in the (x-y-z) normalized space are shown.
Moreover, among the entire points in the space, the farthest
point (m;, 1, 1) from the point (j;, j,, j5) is also shown.

the point (i, i,, i3) can be calculated by the following
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equation 19 instead of the equation 6. Similarly, a length
m,11j,j,j, between the point (j,, j, j;) and the point (m;,
1, 1) can be calculated by the following equation 20 instead
of the equation 7. The length Am,11j,j,j; is the maximum
value between the point (j;, j,, j5) and each point.
[Equation 19]

Whten (i,=1, 2,3, ...,m;,1,=1,2,3, ..., m, and iz=1,
2,3,...,m;;

19

i s = (S (BB oD

(1=1,2,3, ... ,m)
(2=1,2,3, ... ,my)
(3=1,2,3, ... ,m3)

[Equation 20]

(20)

my 111 o js = \/ { ((’::1 __"f)) }2 +{ ((}1112-_/ 21)) }2 + ((,,113_ ! 31)) }2

(1=1,2,3, ... ,m)
(2=1,2,3, ... ,mp)
(3=1,2,3, ... ,m3)

Moreover, while the normal curve shown in FIG. 7A
two-dimensionally shows the two normal curves shown in
FIG. 9 in a superposed manner, the normal curve shown in
FIG. 35A is the one obtained by extending the curve of FIG.
9 by one dimension in the same manner, which cannot be
geometrically expressed. In FIG. 35A, the point (j4, j,, j5) is
made to correspond to the value y=0, and the point (m, 1,
1) is made to correspond to the value y=-1.40j;j.js.
Accordingly, the point (i, i, i) corresponds to the value of
y between the value y=0 and the value y=-1.407,j,]5.

Furthermore, the length Am,11j,j,j, between the point (j,,
j2» J3) and the point (m,, 1, 1) can be calculated by the
equation 20, and the length Am,11j,j,j; is also a length
between 0 and -1.40j,j,]j; on the y-axis FIG. 35A. Hence,
the variance of the normal distribution can be calculated by
the following equation 21 instead of the equation 8.
[Equation 21]

Tz = Am il @
1.4

(i=1,2,3, .. ,m)

(h=1,2,3, .. ,m2)

(5=1,2,3, .. ,m3)

If the variance of the normal distribution is calculated by
the foregoing method, the principal component of the nor-
mal distribution (in a range of: -1.40=y=+1.40 in the case
of the equation 21) can cover the entire (x-y-z) normalized
space. Specifically, the normal curve is determined by
applying the variance of the normal distribution obtained by
the equation 21 to the equation 4, and the positive reference
pattern vector Kj,j.j- and the negative reference pattern
vector Kj,j,js” can be prepared by applying the value to
FIGS. 35B and 35C and the equation 18.

Here, under the condition where the j,j,j; component as
a specified component of the pattern matrix layer is fixed to
a trio of values: j;=1 to m,; j,=1 to m,; and j;=1 to ms,
considered is each i,i,i; component (i;=1, 2, . . . , m;) (i,=1,
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2,...,my) (13 =1, 2, , my) of the pattern matrix layer.

value of the normal distribution as shown in FIG. 35A.
Meanwhile, as shown in FIG. 35C, when an interval
between the adjacent components of the reference pattern
vector is set as Ayj,j,js, @ deviation value Lj,j,jsi, from the
mean value of the normal distribution, which corresponds to
the component number i, (i,=1, 2, ., mg), can be
calculated by the following equation 22 instead of the
equation 9. Here, it is assumed that each interval between the
adjacent components of the reference pattern vector are
equal from one to another. Moreover, in the equation 22,
(my+1)/2 is a component number in the center of the
reference pattern vector.
[Equation 22]

s |, motl S (22)
Lj, jaJsio = |io — ‘XAyhjzjs
(lo=1,2,3, ... ,mg)
i=123, ... .m)
(2=1,2,3, ... .mp)
(3=1,2,3, ... ,m3)

In each of FIGS. 35A, 35B and 35C a relation between
shows that Ai,is a length between the point (j4, jo, ]3) and the
point (i, i,, i5). Moreover, FIGS. 35B and 35C show that a
number of each component of the positive reference pattern
vector and the negative reference pattern vector, which is
of each of the positive reference pattern vector and the
negative reference pattern vector, is iy, and that a deviation
value from the mean value of the normal distribution, which
corresponds to the component number i, is Lj,j,j5i,.

Specifically, when the j,j,j; component and the i,i,i;
component of the pattern matrix layer are given, the length
equation 19. Then, with regard to the reference pattern
vectors, the component number iy, the deviation value
Ljjo]5lg from the mean value of the normal distribution and
the component values Kj,jjsi, and Kkj,j.j. i, are
obtained.

Here, when the number m, of each component of the
reference pattern vectors is made sufficiently large in
advance specifically, when Ayj,j,j; is made sufficiently
the value L]1]2]310 can be made sufficiently small, thus a
highly precise calculation result can be obtained. Moreover,
since the component number i, and the component number
(mgy—i,+1) are symmetrical with respect to the mean value of
the normal distribution, (my-ig+1) may be used instead of i,.

Next, the shape change between the standard pattern
matrix layer H and the input pattern matrix layer N is
replaced with the shape changes of the positive reference
pattern vector Kj,j.j- and the negative reference pattern
vector Kj,j.j="". Specifically, with regard to the ii,i; com-
ponent (i;=1, 2,...,m,) (i,=1,2,...,m,) (i3=1,2, ...,
m;) of the pattern matrix layer, an absolute value of an
amount of change between a component value hi,i,i; of the
standard pattern matrix layer H and a component value
ni,i,i5 of the input pattern matrix layer N is |ni;iis~hi; iyl
Then, as shown in the following equation 23 instead of the
equation 10, when ni;i,i; is greater than hi,i,is, the com-
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ponent value kj,j,is i, of the positive reference pattern
vector Kjj.j,™ is increased by the absolute value |ni;i,is—
hi,i,i,| of this amount change. And when ni,i,i, is smaller
than hi,i,is, the component value kj,j,j5 i, of the negative
reference pattern vector Kj,j.js is increased by absolute
value |ni,i,i;~hi, i,15| of this amount of change.

[Equation 23]

When i,=1, 2, 3, ..
3,...,mg

Ly, =1,2,3,. .., myand iz=1, 2,

if 708, yia>hi i, Kiyfaf sl is increased by |niyiyis—hiyiyiy),

if niyisis<hiyisls, kjyafs Ol is increased by |niyiyis—hisisis)|.

(G1=1,2,3,...,my)
(G2=1,2,3,...,my)
(5=1,2,3,...,my) (23

Accordingly, if the value of the variance of the normal
distribution is calculated by the equation 21, and the com-
ponent values kj,j.j="1, and kj,j,js7i, of the reference
pattern vectors are increased by the equation 23, then, for
every combination of the j,j,j; components and the 1;i,i,
components of the pattern matrix layer, the value of f(y) can
be increased in the range of. -1.40=y=+1.40.

In the usual case, almost all portions of the shape in the
input pattern matrix layer are changed from the shape in the
standard pattern matrix layer. Hence, the equation 19 is
executed to calculate every length in all the changed
portions, and the equation 23 is executed to calculate every
shape change in all the changed portions. Moreover, the
equation 23 is set for obtaining not an absolute shape but a
relative shape change. Accordingly, the equation 23 is
applicable to any arbitrary shaped standard pattern matrix
layer and input pattern matrix layer.

Next, with regard to a pair of the reference pattern vectors
(the positive reference pattern vector Kj,jjs™ and the
negative reference pattern vector Kj,j,j5™), in which shapes
are changed by the equation 23, each size of such shape
changes is numerically evaluated as an amount of change in
kurtosis.

Here, a kurtosis Aj,j.js™ of the positive reference pattern
vector Kj,j,is™ and a kurtosis Aj,j.js"” of the negative
reference pattern vector Kj,j,js can be calculated by the
following equation 24 instead of the equation 11, respec-
tively. Lj,j,jsly (ip=1, 2, . . ., m) in the equation 24 is a
deviation value from the mean value of the normal distri-
bution similarly to FIGS. 10A to 10C, which is previously
set by the equation 22 at an arbitrary value in a range where
a feature of the shape in the normal distribution can be
expressed.

[Equation 24]

mg 24
io (3 D Wiy adsi)* ki /5o

ig=1

mny 2
D Wik jsio) ki 25 o
ig=1

ny
> ks
) _

ig=1
Al i =
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-continued

o ny
Dok i Wi jsio) ki 25 o

io=1 ig=1

> Wi jaisio) Ky j2 o

ig=1

A =

(1=1,23, ..
(p=1,2,3, ..

, i)
, 112)

(3=1,2,3, ... ,m3)

The kurtosis Aj,j.j™* and the kurtosis Aj,j,j,>, which
are calculated by the equation 24, are ratios of biquadratic
moments around the mean value (center) of the normal
distribution to squares of quadratic moments around the
mean value of the normal distribution.

Not only the kurtosis value of the normal distribution but
also a kurtosis value of any arbitrary reference shape can be
calculated by the equation 24.

As described above, in general, a component value of the
vector cannot be defined in the case of being negative in an
equation for calculating the kurtosis of the vector shape.
Accordingly, it is necessary that each component value of
the reference pattern vector not be negative in any relation
in size between the component values of the standard pattern
matrix layer and the input pattern matrix layer.

For this reason, the positive reference pattern vector
Kj,j,js and the negative reference pattern vector Kj,j,j»
are prepared, in which initial values thereof are equal to each
other. By the equation 23, these component values are
changed, but are set not to be decreased. By the equation 24,
the kurtosis Aj,j,js™ and the kurtosis Aj,j.js are
calculated, respectively.

Next, from two amounts of changes of the kurtosis
Ajjojs™ of the positive reference pattern vector and the
kurtosis Aj,j,j of the negative reference pattern vector, a
difference between these two amounts of changes (Aj,j.j,
_Ajisis7) is calculated to be set as a shape change
amount Dj,j,j; representing a similarity between the stan-
dard pattern matrix layer and the input pattern matrix layer.

For example, a value of the kurtosis Aj,j,js™ of the
reference pattern vector Kj,j,j," and a value of the kurtosis
Ajj,js of the reference pattern vector Kj,j,j, ™, which are
initially set in the shape of the normal distribution by the
equation 18, are equal to 3. Therefore, the amount of change
in the kurtosis of the positive reference pattern vector and
the amount of change in the kurtosis of the negative refer-
ence pattern vector, both of which shapes are changed by the
equation 23, are equal to {Aj,j.j="-3} and {Aj,j.is"7-3},
respectively. Specifically, the amount of change in a positive
direction is {Aj,j,is"-3}, and the amount of change in a
negative direction is {Aj,jjs”-3}. The overall amount of
change is a difference therebetween. Hence, the shape
change amount Dj,j,j; can be calculated by the following
equation 25 instead of the equation 12.

[Equation 25]

Djy jajs = {Aj 2 187 =3 —{Aj 2 5 -3 25)

= Aj 257 - Aj S

(i1=1,2,3, ... ,my)
(2=1,2,3, ... ,mp)
(3=1,2,3, ... ,m3)

Next, consideration is made for the shape change amounts
Dj,j,j5 calculated by the equation 25. Specifically, when the
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normalized density of the input solid is relatively stronger
than the normalized density of the standard solid near the
center of the normal distribution (vicinity of j,j,j; compo-
nent of the shape in the pattern matrix layer), the shape
change amount Dj,j,j5 is positive, and increases in propor-
tion to the relative strength. Conversely, when the normal-
ized density of the input solid is relatively weaker than the
normalized density of the standard solid near the center of
the normal distribution, the shape change amount Dj,j,j; is
negative, and decreases in proportion to the relative strength.

In this connection, in the case where the mean value of the
normal distribution is made to sequentially move to each
position of the component of the shape in the standard
pattern matrix layer, the shape change amount at each
position is obtained. Specifically, in each case where the
mean value of the normal distribution is made to move to the
position of the jij,j; component (j,=1, 2, . . ., m;) (=1,
2,...,m,) (Gs=1, 2, ..., my) of the standard pattern matrix
layer, the shape change amount Djqj.j5 G:=1, 2, . . . , m;)
G.=1,2,...,m,) (js=1, 2, . . ., my) is calculated by the
processing procedure similar to the above-described one,
which sequentially uses the equations 20, 21, 18, 22, 19, 23,
24 and 25.

In each case of the points (jq, js, j3) Gi=1, 2, . . . , m;)
(G.=1,2,...,m,) (5=1, 2, . .., my), the farthest point from
the point (j;, j,, j5) among the entire points in the (x-y-z)
normalized space is applied to the equation 20, and the
maximum value of the length between the point (j;, jo, j3)
and each point is obtained. Then, the normal distribution
having a variance different for each point (j;, j,, j5) 18
prepared by the equation 21. Thus, the positive reference
pattern vector Kj,j.j-* and the negative reference pattern
vector Kj,j,j, each having the value of the normal
distribution as a component, are prepared.

Moreover, Ljj,jsiy (p=1, 2, . . . , my) in the equation 24
is a deviation value from each mean value of the moved
normal distribution. And, Kj,jjs™i, and kj,jsjs i (i=1,
2, ..., mg) corresponds to such Ljj,jsiy-

By the processing procedure as described above, in each
case corresponding to the Dj,j,j; component (j;=1, 2, . . .,
m,) (=1, 2, ..., m,) (5=1, 2, . . ., my), the m;xm,xmy
pieces of shape change amounts Dj,j,j; can be calculated.

Each of the shape change amounts Dj,j,j; thus obtained,
that is, a difference between the kurtosis of the positive
reference pattern vector and the kurtosis of the negative
reference pattern vector (Aj;jajs™-Aj1jajs ", each of which
shape is changed, is increased in value in the case where the
center of the reference shape moves to the same position as
the portion where the components of the shape in the input
pattern matrix layer is increased than the shape in the
standard pattern matrix layer.

Specifically, detection can be made as to in which com-
ponent of the pattern matrix layer and how much stronger
the normalized density of the input solid is than the nor-
malized density of the standard solid, as a shape change
amount.

Next, the difference between the shape in the standard
pattern matrix layer and the shape in the input pattern matrix
layer is numerically evaluated as one value of the geometric
distance between two pattern matrix layers by using the
m, xm,xm, pieces of shape change amounts Dj,j,j; (=1,
2,...,my)(j.=1,2,...,m,)(G5=1,2, ..., m;) thus obtained.

The value of the geometric distance is conceived as a sum
of the m;xm,xm, pieces of shape change amounts Dj,jjs.
Hence, the value d of the geometric distance can be calcu-
lated by the following equation 26 instead of the equation
13.
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[Equation 26]

(26)
(] P
d=\/ 2 X 2 (Djjjy)
J1=1 a=l 3=l

In the equation 26, the value of the geometric distance is
obtained by calculating a square root of a value that is a sum
of squares of the m;xm,xm; pieces of shape change
amounts Dj,j,j;. However, as in the following equation 27
instead of the equation 14, the sum itself of the squares of
the m,xm,xm, pieces of shape change amounts Dj,j,j; can
be calculated to obtain the value d of the geometric distance.
[Equation 27]

moompy m3

d=3" > > Dihi)

J1=1 ip=l jz=1

@n

The recognition for a solid is performed by use of the
value of the geometric distance between the standard pattern
matrix layer and the input pattern matrix layer, which is thus
obtained.

Concretely, the standard pattern matrix layer with the
feature amount of the standard solid as a component and the
input pattern matrix layer with the feature amount of the
input solid as a component are prepared. Then, the shape
change between these pattern matrix layers is replaced with
the shape changes of the positive reference pattern vector
and the negative reference pattern vector. The sizes of these
shape changes are set as the amounts of changes in kurtosis.
Based on the difference between the kurtoses of the positive
reference pattern vector and the negative reference pattern
vector, the value of the geometric distance between the
standard pattern matrix layer and the input pattern matrix
layer is calculated. And, the value of the geometric distance
thus obtained is compared with an arbitrarily set acceptable
value. When the value of the geometric distance exceeds the
acceptable value, it is judged that the input solid is not the
standard solid. When the value of the geometric distance is
within the acceptable value, it is judged that the input solid
is the standard solid.

(V) Method for Recognizing Moving Picture

Now, description will be made for a method for detecting
a similarity between moving pictures and a method for
recognizing a moving picture by use of the detected value.
In this embodiment, for recognizing a moving picture, a
density pattern of the moving picture is normalized, and a
standard pattern matrix layer and an input pattern matrix
layer are prepared. Then, a shape change between these
pattern matrix layers is replaced with shape changes of
reference pattern vectors with values of a normal distribu-
tion as components, and sizes of the shape changes of the
reference pattern vectors are numerically evaluated as
amounts of changes in kurtosis. Thus, a similarity between
the moving pictures is detected. Furthermore, moving pic-
ture recognition is performed by use of the detected value.

FIG. 36 is one example of the moving picture where a
motion of a pen writing an alphabet “E” is photographed as
time passes. As shown in FIG. 36, the moving picture is
constituted of m; pieces of images photographed as time
passes. Each image is constituted of the m,xm, pieces of
pixels obtained by partitioning the image into m,; pieces in
an x-direction and m, pieces in a y-direction. Here, if it is
assumed that a density of a moving picture in a pixel of the
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1,-th in the x-direction, of the i,-th in the y-direction and of
the i,-th in time is Pi i,i5, a normalized density pi;i,i; can
be calculated by the equation 15.

Next, a standard pattern matrix layer H with a normalized
density pi;iri; (i,=1, 2, ..., my) (i,=1, 2, .. ., m,) (i5=1,
2,...,ms)of a standard moving picture as a component and
an input pattern matrix layer N with a normalized density
piilis (1:=1, 2, . . ., my) (i,=1, 2, . . ., m,) (iz=1,2, .. .,
m;) of an input moving picture as a component are prepared.
These standard pattern matrix layer H and input pattern
matrix layer N are expressed as in the equations 16 and 17.
Note that, each of the equations 16 and 17 expresses the
shapes in the normalized densities of the standard moving
picture and the input moving picture by the m,xm,xm;
pieces of component values of the pattern matrix layer.

FIG. 37 shows the standard pattern matrix layer H
expressed in an (x-y-time) space, and FIG. 38 shows the
input pattern matrix layer N expressed in an (x-y-time)
space.

The foregoing processing procedure for detecting a simi-
larity between solids is applied to the standard pattern matrix
layer H and the input pattern matrix layer N of the moving
pictures, which have been prepared in the above-described
manner. Thus, the moving picture is recognized.

Concretely, the standard pattern matrix layer with a fea-
ture amount of the standard moving picture as a component
and the input pattern matrix layer with a feature amount of
the input moving picture as a component are prepared. Then,
the shape change between these pattern matrix layers is
replaced with the shape changes of the positive reference
pattern vector and the negative reference pattern vector, and
sizes of the shape changes are defined as the amounts of
changes in kurtosis. Based on a difference between values of
the kurtoses of the positive reference pattern vector and the
negative reference pattern vector, a value of a geometric
distance between the standard pattern matrix layer and the
input pattern matrix layer is calculated. Then, the value of
the geometric distance thus obtained is compared with an
arbitrarily set acceptable value. When the value of the
geometric distance exceeds the acceptable value, it is judged
that the input moving picture is not the standard moving
picture, and when the value of the geometric distance is
within the acceptable value, it is judged that the input
moving picture is the standard moving picture.

As above, description has been made for the method for
recognizing a voice, the method for judging an abnormality
in a machine and the method for recognizing an image, each
of which uses a detected value of a similarity between
(two-dimensional) two pattern matrices, and for the method
for recognizing a solid and the method for recognizing a
moving picture, each of which uses a detected value of a
similarity between (three-dimensional) two pattern matrix
layers.

Note that, in the above embodiments, the normal distri-
bution having a variance different for each specified com-
ponent of the pattern matrix (or the pattern matrix layer) is
prepared, and the value of the geometric distance is calcu-
lated. However, for saving a storage capacity of the com-
puter or shortening the processing time, one typical normal
distribution having a variance equal in the entire specified
components of the pattern matrix (or the pattern matrix
layer) may be prepared to calculate the value of the geo-
metric distance.

In this case, for every combination of the j,j, component
and the i,i, component of the pattern matrix (or the Dj j,j5
component and the 1;i,i; component of the pattern matrix
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layer), the value of f(y) is set to be increased in the range of:
-2.10=y=+2.1 o of the normal distribution shown in FIG.
8 (the range of y indicated by the codes (i) and (ii) in FIG.
8).

Moreover, in the above embodiments, the value of the
geometric distance is calculated by use of the normal
distribution as a reference shape. However, the value of the
geometric distance may be calculated by use of an arbitrary
shape such as a rectangle as a reference shape.

The above will be understood because the equation 12 (or
the equation 25) clarifies that the shape change amount Dj,j,
(or the shape change amount Dj,j,j,) is not affected by the
kurtosis of the reference shape during initialization.

Furthermore, in the above embodiments, the power spec-
trums of the voice or the vibration wave are extracted by use
of a group of analog band-pass filters. However, the power
spectrums may be extracted by use of fast Fourier transform
and the like.

Still further, in the above embodiments, the value of the
geometric distance is calculated by use of the power spec-
trum as a feature amount of the voice or the vibration wave.
However, the value of the geometric distance may be
calculated by use of a plurality of linear predictive coeffi-
cients or the like as a feature amount of the voice or the
vibration wave.

Yet further, in the above embodiments, the value of the
geometric distance is calculated by use of the density as a
feature amount of the solid. However, the value of the
geometric distance may be calculated by use of a density of
a three-dimensional computed tomography (CT) image or
the like as a feature amount of the solid.

Yet further, in the above embodiments, with regard to the
voice, the vibration wave, the image, the solid and the
moving picture, the value of the geometric distance between
the standard pattern matrix (or the standard pattern matrix
layer) and the input pattern matrix (or the input pattern
matrix layer) is calculated. However, in general, the value of
the geometric distance between the standard pattern matrix
(or the standard pattern matrix layer) and the input pattern
matrix (or the input pattern matrix layer) is calculated with
regard to an arbitrary diagram or an arbitrary pattern regard-
less of a plane and a space. By the value of the geometric
distance obtained, a similarity with regard to the diagram or
the pattern can be detected. Moreover, based on the detected
value of the similarity, various kinds of processing such as
analysis for the diagram or the pattern can be performed.

As described above, in the method for detecting a simi-
larity between voices of the present invention, the shape
change between the standard pattern matrix and the input
pattern matrix is replaced with the shape changes of the
reference pattern vectors with the values of the reference
shape as components. Then, the sizes of the shape changes
are numerically evaluated as amounts of changes in kurtosis,
and calculated as a value of a geometric distance. Therefore,
even the voices that cannot be distinguished by the conven-
tional similarity scale such as the Euclid distance or the
angle can be distinguished based on the difference between
the shapes of the pattern matrices, thus a precise detected
value of the similarity between the voices can be obtained.

Moreover, in the method for recognizing a voice of the
present invention, since the voice recognition is made based
on the precise detected value of the similarity between the
voices, a criterion of judgment therefor is highly reliable,
thus the precision of the voice recognition can be remark-
ably increased.

Moreover, in the method for detecting a similarity
between vibration waves of the present invention, the shape
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change between the standard pattern matrix and the input
pattern matrix is replaced with the shape changes of the
reference pattern vectors with the values of the reference
shape as components, and the sizes of the shape changes are
numerically evaluated as amounts of changes in Kkurtosis,
and are calculated as a value of a geometric distance.
Therefore, even the vibration waves that cannot be distin-
guished by the conventional similarity scale such as the
Euclid distance or the angle can be distinguished based on
the difference between the shapes of the pattern matrices,
thus a precise detected value of the similarity between the
vibration waves can be obtained.

Moreover, in the method for judging an abnormality in a
machine of the present invention, since the abnormality
judgment is made based on the precise detected value of the
similarity between the vibration waves, a criterion of judg-
ment therefor is highly reliable, thus the precision of the
abnormality detection in a machine can be remarkably
increased.

Moreover, in the method for detecting a similarity
between images of the present invention, the shape change
between the standard pattern matrix and the input pattern
matrix is replaced with the shape changes of the reference
pattern vectors with the values of the reference shape as
components, and the sizes of the shape changes are numeri-
cally evaluated as amounts of changes in kurtosis, and
calculated as a value of a geometric distance. Therefore,
even the images that cannot be distinguished by the con-
ventional similarity scale such as the Euclid distance or the
angle can be distinguished based on the difference between
the shapes of the pattern matrices, thus a precise detected
value of the similarity between the images can be obtained.

Moreover, in the method for recognizing an image of the
present invention, since the image recognition is made based
on the precise detected value of the similarity between the
images, a criterion of judgment therefor is highly reliable,
and the precision of the image recognition can be remark-
ably increased.

Furthermore, in the method for detecting a similarity
between solids of the present invention, the shape change
between the standard pattern matrix layer and the input
pattern matrix layer is replaced with the shape changes of the
reference pattern vectors with the values of the reference
shape as components, and the sizes of the shape changes are
numerically evaluated as amounts of changes in Kkurtosis,
and calculated as a value of a geometric distance. Therefore,
even the solids that cannot be distinguished by the conven-
tional similarity scale such as the Euclid distance or the
angle can be distinguished based on the difference between
the shapes of the pattern matrix layers, thus a precise
detected value of the similarity between the solids can be
obtained.

Furthermore, in the method for recognizing a solid of the
present invention, since the solid recognition is made based
on the precise detected value of the similarity between the
solids, a criterion of judgment therefor is highly reliable, and
the precision of the solid recognition can be remarkably
increased.

Yet further, in the method for detecting a similarity
between moving pictures of the present invention, the shape
change between the standard pattern matrix layer and the
input pattern matrix layer is replaced with the shape changes
of the reference pattern vectors with the values of the
reference shape as components, and the sizes of the shape
changes are numerically evaluated as amounts of changes in
kurtosis, and calculated as a value of a geometric distance.
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Therefore, even the moving pictures that cannot be distin-
guished by the conventional similarity scale such as the
Euclid distance or the angle can be distinguished based on
the difference between the shapes of the pattern matrix
layers, thus a precise detected value of the similarity
between the moving pictures can be obtained.

Still further, in the method for recognizing a moving
picture of the present invention, since the moving picture
recognition is made based on the precise detected value of
the similarity between the moving pictures, a criterion of
judgment therefor is highly reliable, and the precision of the
moving picture recognition can be remarkably increased.

What is claimed is:

1. A method for detecting a similarity between voices,
comprising the steps of:

(a) preparing a standard pattern matrix with a feature
amount of a standard voice as a component and an input
pattern matrix with a feature amount of an input voice
as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrices as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrices,
obtaining a length between the specified component
and a component in each of the pattern matrices,
calculating numbers of the components of the positive
reference pattern vector and the negative reference
pattern vector, the components being proximate to
positions apart by the length from centers of the posi-
tive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of
the number in the positive reference pattern vector by
an absolute value of a difference between component
values of the input pattern matrix and the standard
pattern matrix when the component value of the input
pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of
the component of the number in the negative reference
pattern vector by the absolute value of the difference
between the component values of the input pattern
matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than
the component value of the standard pattern matrix;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrices
being made to move to the position of each component
in calculating the value of the difference between the
kurtoses; and

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix and the
input pattern matrix.

2. The method for detecting a similarity between voices
according to claim 1, wherein the reference distribution is a
normal distribution.

3. Amethod for recognizing a voice, comprising the steps
of:

(a) preparing a standard pattern matrix with a feature
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pattern matrix with a feature amount of an input voice
as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrices as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrices,
obtaining a length between the specified component
and a component in each of the pattern matrices,
calculating numbers of the components of the positive
reference pattern vector and the negative reference
pattern vector, the components being proximate to
positions apart by the length from centers of the posi-
tive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of
the number in the positive reference pattern vector by
an absolute value of a difference between component
values of the input pattern matrix and the standard
pattern matrix when the component value of the input
pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of
the component of the number in the negative reference
pattern vector by the absolute value of the difference
between the component values of the input pattern
matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than
the component value of the standard pattern matrix;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrices
being made to move to the position of each component
in calculating the value of the difference between the
kurtoses;

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix and the
input pattern matrix; and

(g) comparing the obtained value of the geometric dis-
tance with an arbitrarily set acceptable value, judging
that the input voice is not the standard voice when the
value of the geometric distance exceeds the acceptable
value, and judging that the input voice is the standard
voice when the value of the geometric distance is
within the acceptable value.

4. The method for recognizing a voice according to claim

3, wherein the reference distribution is a normal distribution.

5. A method for detecting a similarity between vibration

waves, comprising the steps of:

(a) preparing a standard pattern matrix with a feature
amount of a standard vibration wave as a component
and an input pattern matrix with a feature amount of an
input vibration wave as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrices as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrices,
obtaining a length between the specified component
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and a component in each of the pattern matrices,
calculating numbers of the components of the positive
reference pattern vector and the negative reference
pattern vector, the components being proximate to
positions apart by the length from centers of the posi-
tive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of
the number in the positive reference pattern vector by
an absolute value of a difference between component
values of the input pattern matrix and the standard
pattern matrix when the component value of the input
pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of
the component of the number in the negative reference
pattern vector by the absolute value of the difference
between the component values of the input pattern
matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than
the component value of the standard pattern matrix;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrices
being made to move to the position of each component
in calculating the value of the difference between the
kurtoses; and

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix and the
input pattern matrix.

6. The method for detecting a similarity between vibration
waves according to claim 5, wherein the reference distribu-
tion is a normal distribution.

7. A method for judging an abnormality in a machine,
comprising the steps of:

(a) preparing a standard pattern matrix with a feature
amount of a standard vibration wave as a component
and an input pattern matrix with a feature amount of an
input vibration wave as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrices as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrices,
obtaining a length between the specified component
and a component in each of the pattern matrices,
calculating numbers of the components of the positive
reference pattern vector and the negative reference
pattern vector, the components being proximate to
positions apart by the length from centers of the posi-
tive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of
the number in the positive reference pattern vector by
an absolute value of a difference between component
values of the input pattern matrix and the standard
pattern matrix when the component value of the input
pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of
the component of the number in the negative reference
pattern vector by the absolute value of the difference
between the component values of the input pattern
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matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than
the component value of the standard pattern matrix;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrices
being made to move to the position of each component
in calculating the value of the difference between the
kurtoses;

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix and the
input pattern matrix; and

(g) comparing the obtained value of the geometric dis-
tance with an arbitrarily set acceptable value, judging
that the machine is abnormal when the value of the
geometric distance exceeds the acceptable value, and
judging that the machine is normal when the value of
the geometric distance is within the acceptable value.

8. The method for judging an abnormality in a machine

according to claim 7, wherein the reference distribution is a
normal distribution.

9. A method for detecting a similarity between images,

comprising the steps of:

(a) preparing a standard pattern matrix with a feature
amount of a standard image as a component and an
input pattern matrix with a feature amount of an input
image as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrices as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrices,
obtaining a length between the specified component
and a component in each of the pattern matrices,
calculating numbers of the components of the positive
reference pattern vector and the negative reference
pattern vector, the components being proximate to
positions apart by the length from centers of the posi-
tive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of
the number in the positive reference pattern vector by
an absolute value of a difference between component
values of the input pattern matrix and the standard
pattern matrix when the component value of the input
pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of
the component of the number in the negative reference
pattern vector by the absolute value of the difference
between the component values of the input pattern
matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than
the component value of the standard pattern matrix;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrices
being made to move to the position of each component
in calculating the value of the difference between the
kurtoses; and



US 7,006,970 B2

51

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix and the
input pattern matrix.

10. The method for detecting a similarity between images
according to claim 9, wherein the reference distribution is a
normal distribution.

11. A method for recognizing an image, comprising the
steps of:

(a) preparing a standard pattern matrix with a feature
amount of a standard image as a component and an
input pattern matrix with a feature amount of an input
image as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrices as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrices,
obtaining a length between the specified component
and a component in each of the pattern matrices,
calculating numbers of the components of the positive
reference pattern vector and the negative reference
pattern vector, the components being proximate to
positions apart by the length from centers of the posi-
tive reference pattern vector and the negative reference
pattern vector, increasing a value of the component of
the number in the positive reference pattern vector by
an absolute value of a difference between component
values of the input pattern matrix and the standard
pattern matrix when the component value of the input
pattern matrix is greater than the component value of
the standard pattern matrix, and increasing a value of
the component of the number in the negative reference
pattern vector by the absolute value of the difference
between the component values of the input pattern
matrix and the standard pattern matrix when the com-
ponent value of the input pattern matrix is smaller than
the component value of the standard pattern matrix;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrices
being made to move to the position of each component
in calculating the value of the difference between the
kurtoses;

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix and the
input pattern matrix; and

(g) comparing the obtained value of the geometric dis-
tance with an arbitrarily set acceptable value, judging
that the input image is not the standard image when the
value of the geometric distance exceeds the acceptable
value, and judging that the input image is the standard
image when the value of the geometric distance is
within the acceptable value.

12. The method for recognizing an image according to
claim 11, wherein the reference distribution is a normal
distribution.

13. A method for detecting a similarity between solids,
comprising the steps of:

(a) preparing a standard pattern matrix layer with a feature

amount of a standard solid as a component and an input
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pattern matrix layer with a feature amount of an input
solid as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrix layers as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrix
layers, obtaining a length between the specified com-
ponent and a component in each of the pattern matrix
layers, calculating numbers of the components of the
positive reference pattern vector and the negative ref-
erence pattern vector, the components being proximate
to positions apart by the length from centers of the
positive reference pattern vector and the negative ref-
erence pattern vector, increasing a value of the com-
ponent of the number in the positive reference pattern
vector by an absolute value of a difference between
component values of the input pattern matrix layer and
the standard pattern matrix layer when the component
value of the input pattern matrix layer is greater than
the component value of the standard pattern matrix
layer, and increasing a value of the component of the
number in the negative reference pattern vector by the
absolute value of the difference between the component
values of the input pattern matrix layer and the standard
pattern matrix layer when the component value of the
input pattern matrix layer is smaller than the compo-
nent value of the standard pattern matrix layer;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrix
layers being made to move to the position of each
component in calculating the value of the difference
between the kurtoses; and

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix layer and
the input pattern matrix layer.

14. The method for detecting a similarity between solids
according to claim 13, wherein the reference distribution is
a normal distribution.

15. A method for recognizing a solid, comprising the steps
of:

(a) preparing a standard pattern matrix layer with a feature
amount of a standard solid as a component and an input
pattern matrix layer with a feature amount of an input
solid as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrix layers as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrix
layers, obtaining a length between the specified com-
ponent and a component in each of the pattern matrix
layers, calculating numbers of the components of the
positive reference pattern vector and the negative ref-
erence pattern vector, the components being proximate
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to positions apart by the length from centers of the
positive reference pattern vector and the negative ref-
erence pattern vector, increasing a value of the com-
ponent of the number in the positive reference pattern
vector by an absolute value of a difference between
component values of the input pattern matrix layer and
the standard pattern matrix layer when the component
value of the input pattern matrix layer is greater than
the component value of the standard pattern matrix
layer, and increasing a value of the component of the
number in the negative reference pattern vector by the
absolute value of the difference between the component
values of the input pattern matrix layer and the standard
pattern matrix layer when the component value of the
input pattern matrix layer is smaller than the compo-
nent value of the standard pattern matrix layer;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrix
layers being made to move to the position of each
component in calculating the value of the difference
between the kurtoses;

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix layer and
the input pattern matrix layer; and

(g) comparing the obtained value of the geometric dis-
tance with an arbitrarily set acceptable value, judging
that the input solid is not the standard solid when the
value of the geometric distance exceeds the acceptable
value, and judging that the input solid is the standard
solid when the value of the geometric distance is within
the acceptable value.

16. The method for recognizing a solid according to claim
15, wherein the reference distribution is a normal distribu-
tion.

17. A method for detecting a similarity between moving
pictures, comprising the steps of:

(a) preparing a standard pattern matrix layer with a feature
amount of a standard moving picture as a component
and an input pattern matrix layer with a feature amount
of an input moving picture as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrix layers as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrix
layers, obtaining a length between the specified com-
ponent and a component in each of the pattern matrix
layers, calculating numbers of the components of the
positive reference pattern vector and the negative ref-
erence pattern vector, the components being proximate
to positions apart by the length from centers of the
positive reference pattern vector and the negative ref-
erence pattern vector, increasing a value of the com-
ponent of the number in the positive reference pattern
vector by an absolute value of a difference between
component values of the input pattern matrix layer and
the standard pattern matrix layer when the component
value of the input pattern matrix layer is greater than
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the component value of the standard pattern matrix
layer, and increasing a value of the component of the
number in the negative reference pattern vector by the
absolute value of the difference between the component
values of the input pattern matrix layer and the standard
pattern matrix layer when the component value of the
input pattern matrix layer is smaller than the compo-
nent value of the standard pattern matrix layer;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrix
layers being made to move to the position of each
component in calculating the value of the difference
between the kurtoses; and

(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix layer and
the input pattern matrix layer.

18. The method for detecting a similarity between moving
pictures according to claim 17, wherein the reference dis-
tribution is a normal distribution.

19. A method for recognizing a moving picture, compris-
ing the steps of:

(a) preparing a standard pattern matrix layer with a feature
amount of a standard moving picture as a component
and an input pattern matrix layer with a feature amount
of an input moving picture as a component;

(b) preparing an arbitrarily-shaped distribution such as a
rectangle having a variance different for each specified
component of the pattern matrix layers as a reference
distribution, and preparing a positive reference pattern
vector and a negative reference pattern vector, each
having a value of the reference distribution as a com-
ponent;

(c) with regard to each component of the pattern matrix
layers, obtaining a length between the specified com-
ponent and a component in each of the pattern matrix
layers, calculating numbers of the components of the
positive reference pattern vector and the negative ref-
erence pattern vector, the components being proximate
to positions apart by the length from centers of the
positive reference pattern vector and the negative ref-
erence pattern vector, increasing a value of the com-
ponent of the number in the positive reference pattern
vector by an absolute value of a difference between
component values of the input pattern matrix layer and
the standard pattern matrix layer when the component
value of the input pattern matrix layer is greater than
the component value of the standard pattern matrix
layer, and increasing a value of the component of the
number in the negative reference pattern vector by the
absolute value of the difference between the component
values of the input pattern matrix layer and the standard
pattern matrix layer when the component value of the
input pattern matrix layer is smaller than the compo-
nent value of the standard pattern matrix layer;

(d) calculating a value of a difference between a kurtosis
of the positive reference pattern vector and a kurtosis of
the negative reference pattern vector;

(e) obtaining a value of a difference between the kurtoses
while the specified component of the pattern matrix
layers being made to move to the position of each
component in calculating the value of the difference
between the kurtoses;
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(f) obtaining any one of a sum of squares of the values of
the differences between the kurtoses and a square root
of the sum of the squares as a value of a geometric
distance between the standard pattern matrix layer and
the input pattern matrix layer; and

(g) comparing the obtained value of the geometric dis-
tance with an arbitrarily set acceptable value, judging
that the input moving picture is not the standard mov-
ing picture when the value of the geometric distance

56

exceeds the acceptable value, and judging that the input
moving picture is the standard moving picture when the
value of the geometric distance is within the acceptable
value.
5 20. The method for recognizing a moving picture accord-
ing to claim 19, wherein the reference distribution is a
normal distribution.



